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Abstract

This paper explores the ethical dilemmas that arise with the rapid development of artificial intelligence.
With AI development, concerns around bias, transparency, and privacy continue to rise, especially in
sensitive sectors like healthcare, justice, and education. This research aims to examine these challenges
and analyze how they affect the decision-making of people. Through detailed subtopics, this paper helps
to understand how to balance innovation with responsibility. The paper highlights core issues like potential
data misuse, hidden labor, environmental impact, lack of global regulation, unfair outcomes, and the
complexity of building truly transparent systems. The goal of responsible innovation is to guide it in a way
that benefits everyone while respecting human values. This paper highlights the need for building ethical
Al from the very start and not treating it as an afterthought. The paper shows the importance of stronger
rules, open discussions, and more research to help in creating safe, fair, and trustworthy Al systems.
Ethical Al systems will be key in gaining public trust and building long-term success. The balance between
innovation and responsible development is not just possible; it is essential.
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I. Introduction

Context & Emergence of Al:

Artificial Intelligence (Al) refers to the simulation of human intelligence in machines that are programmed
to think, learn, and make decisions on their own. The foundation for Al was laid by mathematician Alan
Turing, who proposed the Turing Test to judge machine intelligence (Turing, 1950). John McCarthy, an
American computer scientist, led the Dartmouth Conference in 1956, which is widely regarded as the birth
of Al as a field of study (McCarthy et al., 2006). In its early years, the research on Al broadly focused on
symbolic reasoning and rule-based systems. However, due to computing limitations and a lack of human
intelligence, the progress was slow. This period of slow growth was regarded as the “Al Winter.” The
return and growth of Al are largely due to the increased computational power and advanced machine
learning, particularly deep learning (LeCun, Bengio, & Hinton, 2015). Today, it is evident that Al
(Artificial Intelligence) has a major impact on our day-to-day lives. Al has impacted fields like
governance, industries, and personal lives. The use of Al by the government helps to maintain efficiency
in governance and public policy, especially in the post-pandemic era. Al is also used in crime analysis to
make our society safer for women, children, and senior citizens. The communication between the people
and the government can be improved by the integration of Al in policymaking to understand the
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consequences of a particular policy. A few examples through which we can judge the influence of Al on
our daily lives are voice assistants, recommendation engines, and Al-driven chatbots.

Need for Ethics in Innovation:

The question of whether Al has an impact on our lives is now irrelevant. The real question that arises now
is how much of this impact is positive. (Floridi et al., 2018). People tend to underestimate the usefulness
that comes with the integration of Al in our daily lives. Artificial Intelligence is reshaping industries and
challenging prevalent social structures at an unimaginable pace. However, as Al systems grow more
influential and autonomous, the role of ethics in their development has become increasingly urgent. To
maintain the balance between innovation and responsible development, ethics have to be a primary focus
and not just act as an afterthought. Ethics in innovation ensure a responsible development and execution
of new technologies so that trust and a sense of privacy can be restored in people. As Al systems use the
data they are trained on for decision-making, there is a very high chance that they can develop biases and
act unpredictably. For example, facial recognition tools may develop a racial bias due to imbalanced
training data. People can trust Al only when they believe that it can understand, agree with, and challenge
its decisions. It is very important for people to understand how decisions are made by the Al systems if
they are affected by them. Ethical Al technologies must not breach the privacy of individuals to provide
companies with an advantage over their competitors. By prioritizing ethical considerations along with
advancements in technology, the development of Al and innovation can proceed in a manner that respects
human values and societal well-being.

Methodology: Secondary data analysis from academic and industry sources.

I1. Understanding Al and Ethics

What is AI?

Al, or artificial intelligence, is a computer system or machine that can think and make decisions on its
own based on the data that is available to it, just like humans (Russell & Norvig, 2021). As the name
suggests, Al can also be referred to as man-made intelligence. Al can be used to recognize speech or
images, learn from data, or solve complex problems without human intervention. Al operates through
different approaches, such as machine learning, where machines improve their performance by analyzing
data patterns, and deep learning, which involves multi-layered neural networks inspired by the human
brain’s structure (LeCun, Y., Bengio, Y., & Hinton, G., 2015). The advantage Al has over other machine
systems is the fact that it can quickly process and analyze large amounts of data, which has helped it to
transform industries and open doors to new opportunities. These advantages result in the inclusion of Al
in sectors where cognitive thinking and pattern recognition play a huge role, like language translation and
self-driving vehicles. Although Al can operate using machine learning and deep learning, its development
relies heavily on the data it is trained on. The accuracy and efficiency of the tasks performed by Al can be
influenced positively by increasing the quality and quantity of the data it is being trained on (Jordan, M.,
& Mitchell, T., 2015). Al has helped to bring breakthroughs in technology due to its ability to analyse
complex and unstructured data like images, audio, and even regular human conversations. However, the
complexity and autonomy of Al systems raise important questions about control, transparency, and human
oversight (Russell & Norvig, 2021). Understanding the technical foundations of Al can help to tackle this
issue, ensuring its ethical use.

Defining Al Ethics:

Al ethics are a set of principles that ensure that artificial intelligence is used morally and ethically. People
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face issues like transparency and fairness while keeping human rights as the primary focus. These
principles are necessary to mitigate harm and increase public trust in the era of increasing use of Al in our
day-to-day lives. Al ethics help to overcome the concern of unintended biases in decisions, which mainly
arise due to disproportionate representation in the datasets used to train it. If these large datasets contain
historical biases, the Al models may amplify those inequalities. Regular auditing of training data and bias
mitigation techniques can help to address this issue of algorithmic discrimination. Al ethics are focused
on the idea of a human-centered Al that can assist human agencies and not completely replace them. This
can be ensured by making sure that the users have control over the decisions made by Al, mainly in sectors
of high stakes like healthcare and security. To anticipate harms to systems before they are deployed, ethical
impact assessment models should be embedded in Al development processes (especially in cases that need
to be dealt with sensitivity) (Morley, J. et al. 2020). Al ethics also take into consideration the privacy of
the people. As Al systems collect large amounts of personal data for their proper functioning, it is very
important to protect that data so that the identities of individuals remain private. Similarly, Al systems
should be respectful to the preferences of users and their rights. A review of 84 global Al ethics guidelines
revealed a shared focus on transparency, justice, responsibility, and privacy across sectors and countries,
signaling emerging consensus on core ethical values (Jobin, A. et al. 2019). Another concept which is
included in Al ethics is the concept of proportionality. It argues that the benefits of Al and its applications
should be significantly larger than its potential risks for the proper utilization of Al in our lives, without
the fear of losing our data and our privacy being breached.

Why Ethics Matter in Al:

Ethics is considered the use of Al to ensure that Al systems do not infringe the rights of the users, such as
privacy and freedom of expression. Al may develop biases due to disproportionate training data, which
ultimately may result in unintended discrimination. For example, Al systems used in sensitive fields like
healthcare or social services may tend to favor certain groups of individuals over others. To prevent this,
such systems must be guided by ethical principles so that an equal distribution of resources takes place.
Al systems are involved significantly in various aspects of our lives, which raises concerns about self-
determination and the autonomy of an individual to make their own decisions. Al systems potentially
influence behaviour, which may result in infringement of one’s freedom. The development of Al ethically
allows individuals to retain autonomy over the process of decision making. Without these guidelines, Al
systems may make choices that override the decisions of the users. Al ethics make sure that development
and innovation take place, which is simultaneously aligned with the fundamental rights of humans. Al
must enhance human dignity and not undermine individual or collective rights. Integration of Al in sectors
like warfare and healthcare poses crucial ethical challenges. Al systems should not replace human
intelligence but rather support it. Use of Al in weaponry or medical facilities is not completely feasible,
as they are critical sectors, and giving Al systems complete autonomy can cause risks to human life. Thus,
human responsibility is necessary in applications of Al in these sectors. The absence of ethics in Al
frameworks significantly increases the risk of malpractices like surveillance abuse and data manipulation.
This ensures that Al is not just technically advancing but also appropriate to the cultural and social beliefs
of individuals, which would ultimately safeguard the diversity of our modern society (UNESCO, 2021).
Al systems should have maximum transparency, which allows individuals to better understand how
decisions are being made. This transparency is vital in sectors like governance and finance, as they can
have a significant impact on the lives of people. The rationale behind the decisions made by these systems
has to be explainable, which is crucial for building trust and accountability. The development of Al
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systems requires a lot of energy and natural resources, and it is evident that excessive use of these resources
has an impact on the environment. It is estimated that Al could consume up to 82 terawatt-hours in 2025,
which is equivalent to Switzerland’s annual power usage (De Vries-Gao, A. 2025). Inclusion of ethics in
Al helps to promote sustainable development and minimize these environmental impacts. Techniques that
use energy efficiently and consider ecological impacts throughout the development and usage of Al
machinery and systems help to promote sustainability and responsible innovation. Manipulation of Al
These principles help to foster trust among users, which leads to greater inclusion of Al in our day-to-day
lives.

III1. Core Ethical Dilemmas in AI Development

1. The Alignment Problem

The problem of ensuring that decisions made by Al systems are consistent with human values and ethics,
even in complex environments, is known as the alignment problem. It is about making sure that Al does
what we meant for it to do and not just what we ‘told’ it to do. It is extremely difficult to encode human
values in ethics into code, as Al systems require clearly defined instructions. This may result in the system
being morally incorrect, although it may perform its fundamental work correctly. Individuals often use
vague language like “make things better” or “solve this problem.” Al systems need exact details, as they
might act in harmful or unintended ways if they don’t get clear instructions. We need to make Al
understand what we mean and not just give vague instructions vaguely. This is a key part of solving the
alignment problem. Al doesn't know what is right and what is wrong, as it has no feelings and morals. It
may do something harmful or unfair because it may think it is doing a good job. For example, if you tell
an Al to reduce expenses, it may fire employees. The alignment problem discusses that Al understands
the difference between what is acceptable and not, not just what is efficient. Even well-designed Al
machinery can take shortcuts or harmful paths to achieve a goal if not guided by ethics (Gabriel, 1. 2020).
Al, being a machine, is not able to process emotions like humans do. Feelings like kindness, fairness,
safety, and honesty are easy to understand by individuals but very difficult to explain in code. To solve
the alignment problem, it is necessary to teach Al to understand human values and cultures while making
decisions. Al cannot make decisions on its own. It makes decisions on the basis of the data on which it is
trained. This means if Al is trained on biased or manipulated data, it can learn the wrong lessons. IlI-
trained Al may be aligned with the data, but it doesn't need to align with human values. Bad alignment
can cause serious chain reactions. One slight misalignment in decision-making may affect other systems
and cause more problems. The alignment problem should be solved before the Al becomes too complex
and superintelligent. If a powerful Al is misaligned, it may become impossible to correct it (Bostrom, N.
2014). This highlights the difficulty of Al systems and machines in defining human values.

2. Algorithmic Bias and Fairness

Artificial Intelligence learns from the data that is provided to it. Usually, algorithmic bias arises from
incomplete or manipulated data sets. If the training data contains human biases, Al may worsen these
issues on its own. For example, if an Al system that detects criminal activities is trained on data that favors
certain groups, it may continue that trend, which will lead to unfair outcomes. To ensure equal treatment,
it is important to address these biases in training data. These issues can be addressed by building fair Al
systems that gather diverse and varied data equally from different sources to prevent training on
manipulated data. The Correctional Offender Management Profiling for Alternative Sanctions (COMPAS)
algorithm, which is used in the criminal justice system in the United States, was found to consist of racial
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biases. An investigation by ProPublica in 2016 revealed that individuals belonging to the Black race were
more likely to be labeled as “high-risk” than white individuals, even though white individuals went on to
commit more crimes than “high-risk” Black individuals (Angwin, J. et al. 2016). This disparity raises
concerns about the reliability of Al algorithms in critical areas. Another situation in which we can witness
the biases and unfairness of ill-trained Al systems is in hiring algorithms. Automated hiring systems may
favor individuals of a lower age over older, equally qualified candidates. Such discrimination may lose
the organization's experienced talent while affecting the individuals. This issue can be mitigated by
implementing regular checks on the diverse training data. Fairness and ethics should be a core component
in the development of Al systems. This would help to anticipate potential biases and address them before
the situation becomes worse. Inclusion of ethics in the innovation of Al systems and machinery may guide
the Al in the decision-making process and help mitigate algorithmic bias and promote fairness in decision-
making. The process of achieving complete fairness in Al algorithms is mathematically complex. For
instance, if we try to improve the fairness in the algorithm for a particular group, it may reduce the fairness
level for another group unintentionally. Thus, such conflicting challenges must be tackled by careful
consideration while designing the Al systems so that the outcomes are equitable and fairness is maintained
(Chouldechova, A. 2017). Many AI models that function on deep learning methods for training make it
an extremely difficult task to find the origin of the bias or how the output is influenced by it, as their
internal workings are very complex and difficult to interpret, even for developers. A counter to this
problem may be to use tools which show the entire process of decision making by the Al the factors which
it looked at, factors it missed, and keep records simultaneously with the development process for the data
used and data on which the Al trained. The solution to this problem of unfairness and bias in Al algorithms
is to use varied and balanced data. By keeping a regular check for hidden biases and putting fairness as
one of the main key components during Al development, we can make sure that Al tools help everyone
equally and do not reinforce existing stereotypes and inequalities.

3. Data Privacy and Consent

A concern that arises when it comes to Al development is data privacy. It is very important to protect the
freedom and rights of the personal and intellectual properties of individuals. Al can mistakenly expose
sensitive data, which would lead to a lack of trust in Al by its users. To avoid this situation, it is crucial
for Al to ask for permission, commonly known as consent, from the users before using their personal or
intellectual data. Users should know how and when their data will be used. The ask for consent before
using and processing user data reduces ethical risks in its use and also gives the individuals power to
control their personal information. The main priority of ethical Al systems should be the protection of user
data so that it is not used for malpractice. As Al systems require very large datasets, it is a very complex
problem to maintain the privacy of user data. The datasets should be encrypted by the developers to prevent
hackers from retrieving information and tracing it back to their owners. "I define surveillance capitalism
as the unilateral claiming of private human experience as free raw material for translation into behavioral
data" (Zuboft, S. 2019). People should have the clear liberty to choose when to allow the use of their data
and when they opt out of that service. This avoids the exploitation of user data and information by Al
systems without consent and makes its operations ethically feasible. It is often observed that companies
create long and confusing privacy policies for their users, which are very difficult for individuals to
understand. Most users rarely read the policy due to its complex nature. The consent cannot be considered
fair and ethical if the users are not fully aware of what they have agreed to. Al systems usually have the
power to infinitely copy and share user data once the long and complex privacy policy agreement is
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accepted by users who do not bother to read it. This takes away the individual’s power to take back their
data from the Al system in the future if they ever wish to change their mind. Most Al systems tend to
hoard user data, which involves collecting more data than is required, just in case they require it in the
future. This violates the ethical principle of data minimization. Extra data collected by Al systems may
result in the misuse of this data. It is claimed by many companies that de-identification, which is the
process of anonymizing datasets before sharing them, is safe and therefore no longer needs user consent.
However, research shows that even anonymized datasets can be re-identified using machine learning
models and cross-referencing techniques. This means that user data is still not protected, even when
encrypted, and their privacy is violated (Rocher, L. et al. 2019). Companies often tend to mislead
individuals by collecting data for one purpose but reusing it for another purpose without their knowledge.
This may result in ethical breaches, and user data may be used for unauthorized and unintended activities.
The General Data Protection Regulation (GDPR) is a European privacy law that limits the collection and
processing of users’ data to only what is necessary. Data privacy and consent are needed to build trust
among users in Al systems. Al development should be aligned with the trust and autonomy of the public
to ensure innovation of a trustworthy and ethical Al system that safely integrates Al into our daily lives.
4. Transparency and Explainability

The inclusion of transparency in Al means that systems are open about the process of decision-making
and their working to the users. It helps to make users understand how their data is used and shared, and
who is responsible for their data if something goes wrong. Explainability refers to how easy it is for
humans to understand the decision-making of Al systems. This results in increased trust between the users
and Al machines as users understand why the Al made a certain decision. Inclusion of fundamental ethics
like transparency and explainability is crucial, especially in sectors that affect human life in serious ways,
like healthcare and finance. Al systems have to treat all individuals equally, irrespective of their race and
background. Transparency makes it easier for developers to check whether everyone is being treated
equally or not. Al systems can be asked why they made a certain decision to detect if they have detected
unintended biases in their work. This can help reduce discrimination and improve fairness in its work.
“Black boxes,” or powerful AI models like deep neural networks, have decision-making processes that
are very difficult to understand due to their complex nature. This opacity in the working of black boxes
presents ethical challenges as it hinders the transparent and accountable nature of ethical Al systems.
Although black box models in Al are highly accurate, this raises concerns about their working, as it is not
easy to infer whether the Al system is biased, safe, and fair to all individuals (Guidotti, R. et al. 2018).
When developers are expected to explain their models, it is more likely that they will focus on building
ethical Al systems. The developers will think critically about how the decisions made by their Al systems
affect the users. It is easier to have open conversations about risks and benefits with an Al that has
explainable systems. Explainability and transparency make it easier to debug the system, as developers
can see which features and data points actively affect the decision-making process. To make an efficient
and ethical Al system, it is important to help Al learn from human feedback. When an Al system is
efficient, it is easier for users to give useful feedback to the system. This allows for the improvisation of
the system over time and increases collaboration between humans and Al. Explainable Artificial
Intelligence, or XAl, is a field under Al research that focuses on making Al systems more explainable and
easy to understand for users. XAl aims to counter the “black box” Al models to enhance trust and
accountability in Al applications (Wikipedia, 2024). The implementation of complete transparency and
explainability comes with different challenges. Simpler models are usually easy to understand, and their
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working is transparent, but the accuracy and efficiency are significantly lower than that of less transparent
and explainable black box AI models. Increasing transparency also comes with an increased risk of
exposing sensitive information. Techniques to anonymize data should be implemented, and it should be
ensured that implementing explanatory behavior does not result in revealing sensitive information about
users. It is very important to integrate fundamental ethics like transparency and explainability from the
design phase. This would make it easier to maintain the essential balance between performance,
explainability, and efficiency in the system. When we understand how the decision-making process of Al
is carried out, we are more likely to trust it and safely integrate Al into our day-to-day life. The key step
to building a safe and human-friendly Al is to build an Al that can clearly explain itself whenever required.
5. Autonomy and Decision-Making

Autonomy in Al means machines can make real-time decisions on their own without direct human input.
Systems like self-driving cars and military drones have some level of autonomous powers and are built to
make choices in real time. This ability increases the efficiency of these systems but also raises ethical
concerns, especially in sensitive sectors like the military and transport. For instance, a self-driving car may
prioritize increasing speed to lower the time of arrival over the safety of passengers inside the car. The
lack of human judgment may result in morally questionable decisions, even if they are legally efficient.
Al systems should be designed so that they pause and consider the possible outcomes before making a
crucial decision. They should have the ability to recognize scenarios when they are unsure and human
intervention is required. Autonomous Al learns from real-time data. If this data is biased, there is a
possibility that the model updates itself incorrectly. This would harm the reliability of Al systems.
Developers must implement safeguards like regular data monitoring to prevent manipulation and rollback
options on which the Al could rely in unexpected cases. The responsibility for decisions made by
autonomous Al systems is always with the creators. In the instance where a self-driving car harms
someone, the Al cannot be held accountable. The decision-making process of autonomous Al should be
made transparent to trace liability and prevent abuse. It is possible that autonomous vehicles face life and
death situations, such as choosing to protect either the pedestrians or the passengers inside the car. These
ethical choices, being pre-programmed, raise serious ethical concerns as they have to decide whose life
has more value. (Lin, P. 2016). The ethics integrated in Al programming have to be changed with context.
A robot used to rescue people would need different ethical rules from a trading algorithm. Flexible ethical
frameworks should be designed that can adapt to different scenarios on their own. This would help to
make smarter and safer decisions that are aligned with public interest. Al also lacks emotional intelligence
like humans. Factors like guilt and empathy influence decisions made by humans, but Al does not consider
such emotions. It may make a decision just because it feels technically correct, but from a human
perspective, it may feel cold and inhumane. The integration of human values and emotions in Al systems
is a challenge, but is crucial for ready acceptance in society. A completely autonomous Al increases trust
in its users when they feel its outcomes are also fair. If Al systems are transparent about their autonomy
level, users can set appropriate expectations. Al systems labeled as “semi-autonomous” or “supervised”
help to overcome overconfidence in the capabilities of the system. Al systems should include some level
of human oversight at key decision points to ensure ethical reasoning. A human perspective, along with
autonomous AIA, helps to make sure that the decision-making process does not overlook emotional and
social factors, while being quick and efficient. Autonomy in Al poses both a great potential and serious
ethical risks. While it reduces human effort in laborious tasks, it also raises concerns about control and
moral judgment. Al should support and not replace human values and accountability.
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IV. Sector-Specific Ethical Challenges

1. Healthcare

In healthcare, Artificial Intelligence relies on large datasets generated from previous users, which include
deeply personal and sensitive information. Thus, maintaining the privacy of the users is a great challenge
in the healthcare sector. If privacy is not maintained, it is possible that users will lose trust very easily in
these healthcare systems. Every Al system must guarantee the users that their data is kept confidential and
handled well. It is the right of the patients to be informed whenever Al is involved in their medical
treatment. Patients must be informed about the involvement of Al not just in medical processes but also
in their diagnosis and treatment. If patients are unaware, it challenges the ethical principle of consent,
making the users lose trust in Al integrated in healthcare systems. Al tools should support and not replace
doctors, as Al cannot provide expert clinical judgment. In the healthcare sector, errors in the diagnosis
made by Al can have really serious consequences. Before deployment, Al systems should undergo
rigorous testing to minimize the risk of errors and increase reliability. Regulations should exist to manage
responsibility in case of error, and their use must be limited until their safety is proven. Another problem
that may arise with the inclusion of Al in healthcare is that advanced Al technologies may only be available
to wealthy individuals. This would risk widening the healthcare gap between rich and poor. Ethically, Al
should have equal access to all and not just deepen inequality. When Al makes a clinical mistake, legal
systems should be clear about who is responsible. Should it be the hospital, software company, or the
physician? Doctors may become overdependent on the decisions made by Al software to the point where
they stop questioning even the unusual results. Ethical Al systems must allow doctors to think critically
and give them permission to override Al decisions when needed. When decisions are taken by Al without
human involvement, patients might feel ignored or judged. It is possible that a system, for instance,
prioritizes clinical outcomes over the preferences of the patient. For example, it may choose aggressive
treatment for a patient who requires palliative care. When Al systems help to decide treatments, the
patients may not understand how and why a particular decision is taken, which reduces transparency and
violates the ethics of consent. In emergencies, failure of Al due to a lack of real-time context may result
in serious damage to the patients or even the loss of lives. Human intuition and judgment play a vital role
in emergencies, something that Al lacks.

2. Criminal Justice

In criminal justice, Al is used to predict future crimes and to help make decisions about bail and
sentencing. Although the involvement of Al can speed up processes, it can also reinforce existing
inequalities in the criminal justice system. To predict where crimes may occur next, Al systems use
predictive policing tools that rely on historical crime data for their prediction. If the past data reflects
biased patterns, it is possible that these systems end up sending even more police to already over-policed
neighborhoods. Al systems cannot understand human emotions and the social contexts behind crimes.
This approach is very risky in cases with complex and personal factors, as the automated system may lead
to oversimplified decisions that do not take all these social cues into account. Most Al systems lack
transparency in their decision-making process, which does not allow judges, lawyers, or defendants to
understand how the system arrived at that particular decision. This makes it very hard for them to challenge
an unfair result of the decision-making process, which undermines the core principle of the legal system.
Most Al systems learn from historical data, which, if incomplete, may result in reproducing those flaws
even more. This may ultimately lead to unfair treatment of individuals, which is very hard to reverse once
the individual is in the system. It is often noticed that Al tools trained on arrest records reflect racial
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disparities in policing. This can cause minority communities to be labelled as higher risk, which is not
based on individual behaviour. Whenever an Al system makes a flawed judgment, it is very difficult to
tell who is responsible. The lack of accountability challenges the foundation of criminal justice, where
every decision should be traceable to someone who can justify it. Some companies create Al tools for
courts without making their algorithms public, citing trade secrets. This makes it very complex to
determine whether the system is fair, which is crucial in systems that are used to make life-changing
decisions. People are less likely to trust a justice system that uses black box algorithms. Even when the
decisions are correct, the lack of transparency creates the perception of injustice. Groups that already face
systemic disadvantages, due to economic or racial background, are more likely to face harm from flawed
Al systems. A group of researchers found that COMPAS, a risk assessment algorithm, was more likely to
identify black defendants as high risk compared to white defendants (Angwin, J. et al. 2016). This
example clearly shows why strong Al ethical guidelines are needed when using Al in sensitive areas like
law enforcement and criminal justice. While Al tools in criminal justice help law enforcement work more
efficiently, they can unintentionally increase injustice if not used carefully. To make sure these systems
are fair, we need clear rules and regular checks on their working. Only then can Al be used in a way that
truly supports justice for everyone.

3. Education

The integration of Al in education helps to personalize the learning path to each student, which can help
a lot of students to learn more effectively at their own pace. However, doing this requires collecting a lot
of personal data, a like individual performance and behaviour. This results in a dilemma: how much should
a student’s privacy be sacrificed to improve their learning? Many educational Al tools gather a lot of
personal data of the students without their proper consent or their parents. Students may not fully
understand how their data is being collected and used. Some Al systems also track eye movement, typing
speed, and even facial expressions to improve learning. These features can feel too intrusive and create an
environment that potentially increases stress and reduces trust among the learners. With the increasing
integration of Al into the education sector, there is a possibility that schools will become overly dependent
on it. This can reduce human interaction, emotional support, and critical thinking of the students, which
are essential parts of education. Although dependence on Al may individually increase learning outcomes,
it raises serious ethical concerns about the holistic development of the students. Over-relying on standard
Al-driven decisions that aim for standardized outcomes may ignore the diverse learning styles and needs
of each student, creating ethical tension between efficiency and inclusivity. Al systems are costly and,
therefore, are more accessible in wealthy schools and countries. This would widen the gap in education
quality between the rich and the underprivileged. Students without equal access may fall behind, which
would deepen the inequality. Some Al platforms claim to detect signs of stress and depression in student
based on their online behaviour. Any misinterpretation or false flags may lead to unnecessary interventions
or labelling, raising ethical concerns about mental health privacy and accuracy. Labelling students based
on predictions may lead to biases in treatment or expectations. If an Al platform decides that a student is
falling behind, both the student and teacher must understand why. The lack of explainability in many
algorithms limits accountability and makes it hard to correct and challenge decisions. Another issue that
may arise is that Al platforms trained in a particular language may not work equally well in others.
Misunderstandings and incorrect feedback can put the students in diverse classrooms at a disadvantage.
Al systems that personalize learning experience store behavioral and performance data for long periods of
time to improve learning efficiency. But this also raises major ethical concerns about student surveillance
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and autonomy, especially when this data is stored without their direct consent (Holmes, W. et al, 2021).
The use of Al in education has great potential, from personalized learning to early detection of problems
with students. But this potential comes with serious ethical dilemmas such as privacy risks, surveillance,
the digital divide, and a lack of transparency. Al in education must be built with fairness and accountability
to truly support students and teachers. Technology should enhance learning without compromising human
dignity or equity.

4. Social Media & Content Moderation

Al is used by social media platforms to identify harmful content like hate speech or spam. This automation
helps in managing a large number of posts in real time. But this also introduces questions about ethical
control, like who gets to decide what is allowed online and whether the system is fair in its judgments.
There is a possibility that Al systems end up over-moderating harmless content or legitimate criticism as
harmful. This would result in a violation of the right to freedom of speech, especially for marginalized
communities being silenced by algorithms that do not understand the context. Bias in Al training data can
lead to unfair treatment of certain users or communities. Al systems are often trained on large datasets that
are usually dominated by a particular culture. Such systems may lack awareness of context or tone. For
instance, a phrase that is offensive in a particular region might be completely normal in another. This
mismatch may result in social injustice and uneven moderation. A key concern in the use of Al in content
moderation is that these moderation systems act as black boxes. In other words, the users do not know
why a certain post was taken down. This makes it even harder for the users to appeal or understand what
went wrong. Social media agencies often hide behind their algorithms to avoid responsibility for harmful
moderation decisions. The lack of transparency makes it difficult to hold someone accountable for a
particular decision. Although Al can moderate content faster than humans, this speed comes at the cost of
accuracy. Poor accuracy can harm individuals whose posts are wrongly removed. When users are wrongly
penalized and their posts are removed without any valid explanation, it causes distress, anxiety, and
censorship. This may result in constant self-monitoring to avoid triggering the system, which would reduce
creativity and humor. Al also has an unintentional role in spreading misinformation. Ironically, while Al
is used to fight misinformation, it is also used to generate it in the form of deepfakes, fake news, or Al
bots. Deepfake videos can convincingly impersonate people, which leads to false accusations and even
cyberbullying. As Al gets better at detecting harmful content, bad actors also tend to evolve.
Misinformation agents use code words, memes, and even encrypted language to bypass moderation filters.
Developers must be encouraged to integrate ethics into the design of Al software from the beginning to
protect users and uphold democratic values. This includes fairness checks and regular audits. Ethical Al
moderation must involve the users in the process through feedback. Users build trust only when they
believe that they are a part of the system and feel respected. Al plays a big role in how content is managed
by social media agencies, but also creates ethical challenges like unfair censorship and unintentionally
promoting misinformation. Such mistakes may affect people in real time. To avoid such mistakes and
build a responsible Al system, moderation tools need to be fair, transparent, and carefully managed by
both humans and technology.

V. Global Governance and Regulation of Al

Al technologies cross national borders. To protect against misuse, countries should come together and
agree on fundamental Al ethical principles such as safety, fairness, privacy, and transparency.
International cooperation is crucial for ethical AI development, and it also helps to prevent gaps that bad

[JFMR250450901 Volume 7, Issue 4, July-August 2025 10



https://www.ijfmr.com/

m International Journal for Multidisciplinary Research (IJFMR)

ILJFMR E-ISSN: 2582-2160 e Website: www.ijffmr.com e Email: editor@ijfmr.com

actors may exploit. A set of guiding principles has been developed by the Organisation for Economic Co-
operation and Development (OECD) to promote trustworthy Al. These principles help to ensure that the
policies of every country are aligned with each other and ethical Al innovation takes place (OECD 2019).
Al development also faces issues of cultural differences in ethical norms. What feels acceptable in one
particular culture may be considered offensive in another. Global regulation must carefully consider these
issues, or it will risk imposing the values of one culture on another. Although strong regulation can protect
rights and stop harmful uses of Artificial Intelligence, it may also slow down innovation. Finding a balance
between regulation and innovation is difficult but important. Regulations should be aimed at preventing
possible harm, but at the same time not burdening developers or blocking breakthroughs. Different
countries have different rules. If the regulation is inconsistent across countries, companies would struggle
to comply with rules around the world. IEEE’s “Ethics in Action” initiative helps organizations assess Al
systems ethically. It focuses on fundamental principles like reliability, accountability, and user
engagement. These guidelines provide organisations with ethical checklists to align their products with
international expectations and reduce the risk of harmful or biased Al behaviour (IEEE 2021). Many
developing countries around the world lack the legal infrastructure to enforce such standards, leading to
uneven protection and governance gaps worldwide. Countries tend to prioritize their own economic and
security goals while designing Al ethics. This may lead to them ignoring global standards that restrict
innovation or give an advantage to other nations. This makes it harder to hold Al systems accountable
globally. The inconsistency in different countries having varying data protection laws makes it difficult to
establish global standards for how data is collected and used by Al systems. Another factor that affects
the quality of rules and regulations is the lack of Al literacy among lawmakers. As a result, the laws they
create may be too outdated or impractical. Efforts must be made to educate legislators and government
officials in Al technologies and ethics to ensure global Al governance is proper and up-to-date. Even
where ethical Al principles exist, enforcement of Al ethics remains weak. Some countries publish
guidelines but lack proper regulatory bodies to enforce these guidelines. Others have strong enforcement
but limited resources. To bridge the gap between nations, a global Al ethics council, like the United
Nations (UN), for Al It would develop ethical standards and mediate international disputes. Ethical
governance of Al is crucial to prevent misuse and ensure fairness globally. It is essential to establish global
norms that align innovation with ethical responsibility for the safe development of Al worldwide.

VI. Environmental and Labor Ethics in Al

Environmental Impact:

It is not a question that Artificial Intelligence models, especially deep learning models, consume large
amounts of energy during training and execution. Powerful GPUs keep running for a lot of time,
sometimes even days, to power computers involved in fine-tuning large networks. These large energy
demands result in a significant carbon footprint. For example, training a single large NLP model can
release over 280,000 kg of CO-, equivalent to the lifetime emissions of about five cars (Strubell, E. et al.
2019). The energy consumed by Al models also depends on the location of the data centers. Places that
use renewable energy report significantly lower emissions than places that use fossil fuels for the same
workload. This variation creates a global inequality in the environmental impact of Al and raises questions
about how large Al models should be trained ethically. The physical infrastructure, like the mining of rare
earth metals and discarded hardware, contributes to environmental degradation. These effects are often
overlooked when talking about responsible Al development. Al systems deployed in real-world
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applications, like autonomous vehicles or smart cities, need to constantly draw resources even after
development. This contributes significantly to the environmental footprint over a long period of time and
raises the need for energy-efficient Al systems. Developers must also consider the balance between model
accuracy and sustainability. Often, small improvements in the model require large amounts of energy to
process and execute more data through complex computation. Developers and organisations must assess
whether marginal improvements justify the increased environmental burden. Companies should maintain
complete transparency when they release metrics regarding the working of Al systems. Metrics like
environmental impact, energy consumption, and carbon emissions should be reported along with basic
metrics like accuracy or loss. These disclosures would help to hold companies accountable and encourage
sustainable choices across the Al industry. Governments and regulatory bodies could incentivize green
computing and low-energy research. Environmental audits for large-scale Al projects could be made
mandatory, and sustainability should be included in AI policy. Policy-level intervention could help to
solve the climate crisis in the era of rapid growth of Al. The infrastructure for Al development is unequally
spread throughout the world, which results in worsening the environmental effects. Wealthier nations
outsource their Al training and data centers to poorer nations, which have cheap energy and less strict
environmental regulations. This shifts the entire burden of environmental effects to poorer nations, which
is ethically problematic as well as unfair. A lack of general public awareness is also witnessed regarding
the pollution caused by Al technologies. People know about cars and factories as polluters, but only a few
know AI’s contribution to environmental degradation. Building Al systems with sustainability in mind
from the very beginning is a much more effective and feasible solution for developers rather than trying
to fix the damage later. Choosing sustainable hardware and using renewable energy to power operations
are some proactive steps that help to promote innovation responsibly.

Invisible Labor & Ethics:

The working of many Al systems depends on thousands of human workers who perform tasks like
moderating content or reviewing data. The term “ghost work™ refers to the unseen labor done by humans
(referred to as “ghost workers”) to make Al systems function. This manual labor raises a core ethical
dilemma: the fake appearance of automated Al systems is contradicted by underpaid and hidden human
labor (Gray, M. L., & Suri, S., 2019). Such jobs done by “invisible labor” lack job security, fair pay, and
recognition. This raises ethical concerns about their exploitation and transparency. Al companies usually
hire this “ghost labor” from developing countries to cut costs and allow maximum profits. Although this
may offer employment opportunities, it results in unfair labor practices and human exploitation. Tech
companies do not provide “ghost workers” with protections, rights, or even acknowledgement of their
contributions. Users do not often realise the degree of manual work involved in so-called autonomous Al
This illusion of autonomy reduces the need for companies to provide better working conditions to these
human contributors. Companies use hidden labor to cover their technical limitations instead of developing
truly autonomous systems. Many Al systems rely on ghost work continuously, even when this work is
portrayed as temporary. Another ethical issue is the mental health conditions of these workers. They
constantly have to undergo disturbing or traumatic imagery to help train Al filters. Repeated exposure to
such content may lead to these workers suffering from psychological harm, while their role remains
unnoticed in public Al discussions. Consent is also important in ghost work. Many workers may
unknowingly participate in building systems that go against their moral values, such as surveillance
technology. Workers must be fully informed about how their contributions are used in Al development.
Ghost workers do not justifiably share the gains they generate. As Al technology becomes more profitable,
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most of this profit remains concentrated in the hands of developers and corporations. These workers
remain undervalued and underpaid even when they help build these tools. Companies should be
transparent about the involvement of invisible labor in the making of tools. Users should be rightly
informed about the extent of human labor used in training or moderating the tools they are using. Workers
are made to work in isolated digital conditions. This restricts their interaction with other workers and does
not allow them to form communities or unions to demand better conditions. Ethically, this raises concerns
about the power imbalance and the lack of voice of the workers. When working on large projects,
companies tend to hire a large number of ghost workers on very cheap pay to meet deadlines. Their focus
shifts from ethical hiring and human dignity to speed and volume. Once these deadlines are over,
companies carry out huge layoffs to maximise profits by cutting labor costs. Many workers live in
countries with poor labor laws, which allow companies to exploit them even further and make these
workers vulnerable. As the demand for Al technologies increases, the demand for these ghost workers
increases. Without proper policies and ethical frameworks, companies can further exploit their employees
on a large scale. To build ethical and responsible Al it is essential to respect and recognize the human
effort behind it.

VII. Building Ethical AI by Design

Instead of treating ethics as an afterthought, ethical Al should be developed from day one. This enables
developing teams to prevent issues before they become too costly or dangerous to solve. Building an
ethical Al by design encourages developers to anticipate harm, question assumptions, and document their
decisions throughout the AI’s lifecycle. By clearly defining what teams explicitly mean by fairness in their
context, the design decisions will vary. Clear definitions help to identify the right safety measures and
tests that can be implemented in the system’s architecture from the very start of the development process.
Open-source toolkits like IBM Fairness360 can help designers test for hidden biases that may have
developed during the training process, such as gender or race. This would help the team catch and solve
biases very early in development. Google’s What-If Tool is an interactive tool that allows developers to
test how changes in input variables affect the decisions of Al visually. Such tools enable teams to build
understanding and promote transparency throughout, including non-technical stakeholders. Designers
could also bring in real users when developing Al to detect potential misuse that the designers may miss.
For example, bringing a group of teachers when making an educational Al system could help uncover
privacy concerns and capture the actual needs and values of real users. Engaging with actual affected users
during early brainstorming helps make sure that the Al respects values like privacy and fairness. To make
Al projects more transparent, decisions, tests, and concerns could be documented throughout the design
process. This documentation would assist in accountability and ongoing evaluation as the systems evolve.
Defining clear ethical requirements like non-discrimination and data minimization early in the process
gives a practical direction to the Al project while saving a lot of time after development. The requirements
ensure ethical goals are treated as a priority and not just an optional upgrade. Fairness tests, privacy checks,
and bias audits could be conducted during quality checks to ensure that these ethical features are
maintained across releases. Regular “ethical sprints” could be organized where developers only focus and
specifically review ethical concerns. These sessions encourage reflection and ensure that ethics are a
continuous part of the process rather than just at the start or the end. Ethical Al should be made from the
very start. It is not something that is to be looked at after the development process. When issues like
fairness, privacy, unbiasedness, and responsibility are thought about from the very start, it becomes much
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easier to prevent harm before it happens. The Al we build should not just be smart. It should also be safe,
fair, and trustworthy for everyone.

VIII. Balancing Innovation and Responsibility

Often, ethics are added after a breakthrough Al system is built, which leads to delayed accountability and
also wastes a lot of time. A smart approach could be to let ethics evolve along with innovation. While
releasing a new feature, developers could test for ethical implications like fairness, risk, and social impact.
Innovation cannot be done at the cost of responsibility. Ethical checkpoints like privacy reviews or bias
tests help to catch issues early before they cause any significant harm. Collaborative development helps
to align innovation with responsibility. Involving engineers, ethicists, developers, and end-users in the
development process helps to build a more ethical Al system. It allows for different viewpoints, ensuring
that systems remain aligned with societal values while being technically ambitious. Some trial and error
is evident when pursuing bold innovations. But these experiments must fall within ethical constraints, like
limiting potential harm, to help teams take smart risks. Companies must be encouraged to adapt their
business models to ethical priorities. Profit-focused innovation often overlooks ethical trade-offs. Also,
open sharing of failures allows for safe innovation in the future. Sharing failures can help other individuals
or companies prevent repeating the same mistakes. When organisations exchange mistakes and warnings,
innovation advances responsibly, and the community learns together. Deep learning and other cutting-
edge Al technologies can outperform older models, but at the cost of transparency. Ethical innovation
means choosing explainable and interpretable systems over such opaque breakthroughs, especially in
sensitive applications where understanding decisions is equally or more important than performance.
Sometimes, Al systems may behave unexpectedly in real-time cases. During design, innovators must be
encouraged to put effort into anticipating worst-case or misuse scenarios. This helps to ensure that
innovations do not lead to unexpected or harmful outcomes. Innovation must start with the intent of doing
good and not just pushing technological boundaries. Innovation without ethical responsibility leads to a
loss of trust in society. People start doubting the decisions of opaque and biased Al systems. This may
result in future backlash on innovation due to mistrust and fear when using Al. Balance means accepting
slower but safer progress. Taking out extra time for testing bias and reviewing safety will build a safer and
more stable foundation for growth. Long-term benefits are always better than short-term gains. A balance
between innovation and responsibility means making sure that progress actually benefits people, even if
it slows it down. True innovation means building something that earns the confidence of society and
respects its values. Developers should focus on creating Al systems that are not just powerful but also fair,
safe, and trusted.

IX. Conclusion

The aim of this paper was to investigate the ethical dilemmas that appear during the development and use
of artificial intelligence, especially when it has become an integral part of our daily lives. Across all the
sectors that are talked about in this analysis, a clear and common pattern emerged. Ethics are a crucial part
of Al development, and unethical Al can cause real-world harm by worsening inequalities. Innovation
should be guided, not feared. The most appropriate solution to tackle this ethical dilemma is the integration
of ethics and responsibility right from the initial phase of development. Ethics should not be seen as an
afterthought but as an essential part of any Al system. Teams can build safe, fair, and inclusive systems
only when they are guided by ethical frameworks. These frameworks ensure that a balance is sustained
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between progress and the justice and dignity of users. Maintaining this balance is no longer an option but
a necessity. Clear rules and regulations must be established by policymakers, and existing rules must be
properly enforced. Developers should design with empathy and caution throughout the process. The future
of Al depends on the choices we make. Innovation should uplift, not divide society, and technology should
work for its service.
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