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Abstract

This paper examines how data analytics has reshaped player selection in franchise cricket, using the Indian
Premier League (IPL) as a primary setting from 2015 to the present. Drawing on secondary research, the
study synthesizes evidence on how franchises have shifted from reputation- and intuition-led recruitment
toward role-based, context-sensitive evaluation using ball-by-ball data, matchup profiling, phase-wise
performance splits (powerplay/middle/death), and auction simulations. The paper frames IPL recruitment
as decision-making under uncertainty and a constrained optimization problem, where analytics supports
valuation discipline through projected impact and opportunity-cost awareness. Recent league policy
features, such as expanded retention/RTM structures and the continued use of the Impact Player rule, are
discussed as factors that further incentivize specialization and data-driven role allocation in squads
(ESPNcricinfo, 2024; Olympics.com, 2025). Evidence from franchise practices indicates that analytics is
now integrated into recruitment planning, shortlist construction, and matchups, increasingly shaping how
teams identify undervalued talent and set auction price ceilings (Cricbuzz, 2025). The paper also evaluates
limitations, including small-sample volatility, contextual transfer issues across leagues/venues, and
auction-market distortions that can override model recommendations. Overall, the review concludes that
analytics has not replaced cricketing judgment but has structured and standardized selection logic in
the IPL, making recruitment more evidence-based, role-specific, and cost-aware.

Keywords: Indian Premier League, player selection, sports analytics, auction strategy, T20 cricket,
Moneyball, decision-making under uncertainty

1. Introduction

Cricket in India is not just a sport or a game; since that night on the 3™ of June in 1983, when Kapil Dev
and his men won the World Cup, it has become a religion. Between that and 2008, India was thereby
victorious in just 2 ICC trophies, which were a shared Champions Trophy in 2002 and a historic T20 WC
win in 2007, which led to the creation of the nation’s biggest sporting carnival in 2008.

Starting as an 8-team competition in 2008, the Indian Premier League (IPL) had Icon and Marquee Players.
Icon players like Sachin Tendulkar, Rahul Dravid, Sourav Ganguly, and others were assigned to their
respective home teams, and the teams that missed out tried their hands on marquee players, like MS Dhoni,
who was the most expensive buy of the first player auction at a whopping $1.5 billion by the Chennai
Super Kings (CSK) at the time (Grokipedia, 1970).

From then to now in 2025, the IPL has grown to become the 4™ richest sports league globally, at a revenue
of approximately $9.5 billion, only behind giants like the NFL, MLB, and NBA (Marketing 1ISM, 2025).
The IPL auction is one of the most awaited player auctions that occur across sports, simply because of the
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grand money at stake and the opportunity each player gets. Each thasving a budget of 125 crorhasving a
maximum of 25 spots to fill, with up to 8 of them being overseas, the possibilities simply become endless.
The mega-auction comes with its own set of retention rules as well for teams; teams can retain up to 6
players (with a maximum of 5 cappedIndians uncapped Indians) from their squad, using a mix of direct
retention and Right-to-Match (RTM) cards during the auction too (staff, 2024). This makes the auction a
whole high-stakes event, where hundreds of lives are changed in a single day for players, whether in or
overseas.

In T20 cricket, player selection is much different from Tests and One-Days, where it is majorly based on
run-scoring ability, averages, wickets taken by the bowlers, and such data. In complete contrast, because
T20 cricket has such high-octane action that occurs every second, being the shortest and most volatile
format of the game, it requires much greater adaptability, role clarity, and a squad composition that
complements each other more than any other.

The format in today’s time is one of those in which a team would usually prefer somebody scoring 30 runs
in 10 balls over somebody scoring 50 off 35 balls, showcasing the importance of impact over volume
altogether. Similarly with the ball, economy rates and powerplay wickets are often as important as death
over wickets, since teams may want a bowler having figures of 1-24 in 4 with a wicket in the powerplay,
rather than 2-40 in 4 with wickets in the death. A bowler’s role and how they execute it are looked at using
certain metrics like their economy, strike rate, average, execution of length (yorker/good length) at
different moments of the game, percentage of deliveries at a particular pace, and more, to select them
accordingly.

For a long time, the acquisition of players in cricket was largely based on intuition, experience, and
traditional scouting methods. This was more because selectors and coaches relied on a batter’s visible
technique, a bowler’s run-up and their flow, a player’s recent performances, and their past reputation when
evaluating them. While this approach was rooted deep in cricketing knowledge, it often struggled to
account for the uncertainty and volatility of the T20 format, which very recently came to the fore. In
leagues such as the IPL, where decisions are high-risk and margins are small, intuition alone became an
unreliable basis for successful selections and player acquisitions.

The shift toward data analytics has been driven by the growing availability of detailed performance data
that gets generated. Franchises and teams can now use ball-by-ball datasets to assess players with greater
depth than just basic statistics like averages or total wickets. In today’s time, player performance is
analyzed and segregated into specific phases and contexts of the game. These include the powerplay/death
overs, matchups against different types of bowling/batting types, and the effectiveness of a player under
pressure and in crunch situations (Gudi, 2023). This has led to teams focusing more on the role-based
impact of players rather than the overall volume of runs or wickets they get, which is particularly important
in a fast-paced format like T20 cricket.

Furthermore, advancements in broadcast and tracking technologies have further supported this tran,sition
too. Tools such as ball-tracking and video analysis provide helpful understanding into specific bowling
lengths, pace variation, and shot selection of batters, while fitness data helps in assessing a player’s ideal
workload and their injury risk. Alongside these developments, IPL franchises have invested in dedicated
analytics teams that support their selection and auction planning for the long term. Rather than replacing
cricketing judgment, data analytics has complemented it in recent times, as it has helped in making player
selection more structured, evidence-based, and aligned with the specific demands of the T20 format.
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Research Gap and Purpose

Existing research and media analyses on cricket is largely focused on performance evaluation of players
and in-match tactics, with relatively very little attention given to how analytics actually influence player
sselectionin high-stakes events like the IPL. Auction. There's a lack of a clear, structured review that links
analytical metrics to selection models and then to tangible outcomes such as auction prices obtained by
players, retention decisions, and squad construction in the IPL. This paper addresses that gap by critically
reviewing how data analytics has changed player selection in the IPL, focusing specifically on who gets
picked, how much franchises are willing to pay for players, and which player roles are increasingly valued.
Scope of the Paper

This paper focuses on player selection decisions in the Indian Premier League, including their acquisition

in auctions, retentions, trades, and injury replacements, with playing XI choices considered to look at how
they directly reflect selection logic. The study is based entirely on secondary research, drawing on
published academic studies, publicly available datasets, media reports, and pre-established analytics
frameworks. The analysis covers the period from 2015 to the present, which is treated as the modern
analytics era of the IPL, being marked by the widespread institutional adoption of data-driven decision-
making by all the franchises.

2. Objectives and Research Questions

This research aims to look into the role of data analytics in IPL player selection across its stages, like

scouting, the auction strategy, and the final playing XI decisions made by teams. It investigates the shift

from traditional statistics like batting averages and the total wickets for bowlers to context- and role-based

metrics that would be more suited for T20 cricket. The study also evaluates how analytics-driven decisions

impact a player’s auction valuation, squad composition, and a team’s overall performance. Finally, it also

looks at the limitations of using analytics for decision-making in IPL player selections, such as the possible

biases that may occur, the availability of incomplete data, ethical concerns, and the unpredictable nature

of T20 cricket at times.

Therefore, the investigation is guided by the following research questions:

e Which quantitative metrics and decision models are most important in influencing IPL player
selection?

e How has the use of data analytics led to a rise in the valuation of specific player roles, such as finishers,
death-over bowlers, anchors, and powerplay hitters?

e Do data-driven selection choices directly contribute to improved team outcomes, including match
results, playoff qualifications, and efficiency of auction spending as a whole?

e What specific factors undermine the effectiveness of analytics in IPL player selection, including data
discrepancies, contextual inaccuracies, and limited sample sizes?

3. Conceptual and Theoretical Framework

Player selection in the IPL is practically a decision-making process under uncertainty. Franchises need to
invest a lot of their key funds into players based on imperfect information about their future performance,
fitness, form, and adaptability to various team roles. This process can be looked at through the concept of
bounded rationality, which suggests that decision-makers aim to make logical choices but are bound due
to the availability of incomplete information, time constraints, and certain cognitive biases. These

IUJFMR260167546 Volume 8, Issue 1, January-February 2026 3



http://www.ijfmr.com/

i International Journal for Multidisciplinary Research (IJFMR)

IJFMR E-ISSN: 2582-2160 e Website: www.ijfmr.com e Email: editor@ijfmr.com

limitations are especially noticeable in the T20 environment, as performance outcomes are extremely
unpredictable and are impacted by a range of situational circumstances, such as pressure.

Analytics work more like a technique that enhances evidence-based reasoning rather than delivering
certainty regarding player performance. Instead of predicting exact outcomes, analytical models estimate
ranges of expected player performance and associated risks with the same, based on past data. This aligns
with risk management theory, where the objective is not to eliminate uncertainty but to make decisions
that maximize the expected value of a particular decision, in this case, the one of selecting a player, while
minimizing potential loss (Payne, 2022). Selection dec,isions therefore become judgments on the
likelihood of future contribution rather than a predetermined appraisal of past performance.

The IPL a,uction as a concept can be looked at like a constrained optimization problem. This is because
each franchise simply operates within a fixed salary cap, limited squad size, and restrictions on a maximum
of 8 overseas players, while also needing to maintain balance across batting, bowling, and all-round roles.
Every bidding decision involves opportunity cost, as overspending on one player reduces flexibility
elsewhere in the squad (Fernando, 2025). Analytics really support this optimization by allowing franchises
to compare players on a common value-based scale and to allocate their resources across roles more
efficiently.

Moneyball Logic

The increasing use of analytics in the IPL aligns with the wider “Moneyball” logic that’s observed in
professional sport, where data and advanced statistics are used to identify and value overlooked players
while maximizing market inefficiencies (Sajid, 2019). Traditionally, cricket selection has always focused
on the tangible metrics such as total runs scored, batting averages, and wicket tallies for bowlers. However,
in the T20 format, these metrics often fail to capture the true value of a cricketer, as they end up ignoring
situational contexts, specific roles of players, and the marginal impact they end up having in tight games.
Market inefficiencies arise when certain skills are systematically undervalued due to traditional biases.
For example, finishers who face limited deliveries, bowlers who operate primarily in high-risk phases, or

those whose contributions lie in run prevention rather than wicket-taking may become underpriced at
auctions. Analytics in such cases really help franchises identify these inefficiencies by quantifying the
impact of these players in context, allowing teams to target “hidden value” players whose skills are not
fully reflected in conventional statistics.

In the IPL, where budgets are capped and competition for elite players is intense, exploiting such
inefficiencies and focusing on high-impact, role-based talented players can provide teams with a big
strategic advantage.

Proposed Analytical Framework

To analyze the roclearly and consistentlyd consistent way, I use a simple framework that shows how data

is converted into selection outcomes. The process begins with basic inputs such as data on a player’s past
performance and match context (including what phase of play they excelled in and the opposition quality),
alongside some more information on their fitness, recent workload, and availability. This information is
then usually processed through an analytics layer, where role-based metrics, performance projections, and
simulations are used to estimate a player’s expected impact and the associated risk with the same.

The results of this analysis guide selection decisions, including which players are shortlisted by teams,
how much they are valued at the auction, how bidding strategies are planned, and what roles are assigned
to these players within the squad. These decisions are also further evaluated through performance
outcomes such as on-field impact, overall team results in performances, and cost-effectiveness relative to
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a team’s auction spending. This framework in a, s,tructured manner helps in explaining how data analytics
influences player selection in the IPL while allowing its strengths and limitations to be examined
systematically.

4. Evolution of Player Selection in the IPL

Ever since 2015, the IPL’s modern analytichas shown a clear change in how teams select players, with
greater focus being held on role-based squad building, different selection strategies, and increased use of
data-driven decision-making altogether.

Between 2015 and 2017, only a small number of franchises began using advanced analytics in a structured
way, primarily to define roles rather than to fully drive their auction strategy. Selection still involved
intuition, reputation, and traditional scouting, but data increasingly informed how players were used and
why they were selected.

Mumbai Indians provide a clear example of the same during this phase. Rather than focusing on
established international stars, M1 invested consistently in young Indian players whose value was revealed
through their role-specific performance in domestic and local cricket. Jasprit Bumrah, now India’s
spearhead and one of the best in the world, was retained and backed despite modest wicket tallies early in
his career, largely because of his economy rate and effectiveness in death overs, observed through
domestic cricket data samples. Similarly, Hardik Pandya was valued not for batting averages but for strike
rate, finishing ability in short bursts, and the rare ability of a hard-hitting, pace-bowling all-rounder. These
decisions reflected early recognition that the impact of players in specific phases started mattering more
than their cumulative statistics.

At the time, Sunrisers Hyderabad also followed a similar logic from a bowling-first perspective. Their
squad construction prioritized run prevention and control, having surprise finds like Mustafizur Rahman,
based on death bowling exploits, and Indian talent like Barinder Sran, while retaining bowlers such as
Bhuvneshwar Kumar as their spearhead based on powerplay economy and swing effectiveness alongside
his unbelievable wicket-taking abilities. While analytics was not yet dominant, franchises like MI and
SRH demonstrated that role clarity supported by basic data could translate into consistent performance,
winning titles on the back of the same in 2015 and 2016, respectively.

Since 2018, analytics has moved much closer to the center of auction and recruitment strategy, especially
for franchises operating under tighter budget constraints. Teams began explicitly targeting undervalued
roles and players whose contributions were not reflected in traditional measures.

Rajasthan Royals are a key case in this phase. The franchise publicly acknowledged its analytics-led
approach, focusing on high-impact, high-variance players rather than established stars (Prakash
Govindasreenivasan, 2025). Jos Buttler’s use as an opener since 2018, despite limited prior evidence in
that role, was driven by strike-rate data and powerplay scoring patterns, resulting in a season where he
scored over 500 runs at a strike rate above 155. The Royals also invested in players like Shreyas Gopal,
whose matchup effectiveness against both left-hand and right-hand batters was supported by ball-by-ball
data.

At the same time, Chennai Super Kings demonstrated a different but equally effective data-informed
model. They consistently retained and selected highly experienced players such as Shane Watson and
Ambati Rayudu in their comeback to the league, despite age-related concerns, often also being called the
“Dad’s Army.” Their selection was justified by contextual performance data, particularly the powerplay
impact of bowlers like Deepak Chahar, and role stability, like death-over specialists in the form of Dwayne
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Bravo. CSK’s title wins in 2018 and 2021 validated the idea that analytics could support multiple strategic
philosophies and not just the ones that are youth-focused or have high-risk approaches.

Additionally, from 2020 onwards, analytics became embedded across all IPL franchises, with most teams
employing a dedicated analytics staff, having specialist analysts, and using simulations and scenario
planning ahead of auctions. Squad construction increasingly revolved around the price-to-value efficiency
of players and role scarcity rather than marquee appeal.

The 2022 mega-auction marked a clear inflection point for the same as well. Expansion teams such as the
Gujarat Titans and Lucknow Super Giants built competitive squads in their very first seasons without
excessive spending on star names. Gujarat Titans’ title-winning squad was constructed around role clarity
and balance, retaining Hardik Pandya as a leadership and all-round finishing option, investing in bowlers
like Mohammed Shami specifically for powerplay impact, underrated domestic talents like Abhinav
Manohar and R. Sai Kishore, and backing rather overlooked players such as Rahul Tewatia based on their
finishing efficiency rather than volume of runs (Vakil, 2025). Their success, winning the title that season,
highlighted how an analytics-driven squad optimization could outperform star-heavy models.

By now, analyticstandardcome a selection norm rather than a competitive edge. Auction strategies across
franchises increasingly rely on projected impact, role overlap analysis, and budget-based simulations. This
period clearly indicates the importance of data-driven decision-making and how it has moved from
selective adoption to now being fully followed by most teams, fundamentally reshaping how IPL squads
are constructed in the modern era.

5. Data Analytics Tools and Data Sources Used in Selection

In the modern era of the IPL, franchises draw on an extensive set of data sources and analytical tools to
make informed player selections in mega events such as the auction and the trade windows, moving well
beyond traditional statistics and scout intuition.

Types of Data Used

The primary data foundation for selection is detailed ball-by-ball match data of each and every
shortlisted player. This data records every delivery, outcome, and contextual event in a game. Such a level

of precision allows analysts to break down a player’s performance across match phases such as
powerplays, middle overs, and death overs, helping them make a more accurate evaluation of an
individual’s role-specific impact rather than relying on overall batting averages or total wickets alone.
Contextual data, such as venue conditions, pitch type, opposition quality, and match situation, are also
layered with performance-based data to adjust evaluations for environment-based effects, making
comparisons more meaningful across conditions and seasons altogether. Franchises also increasingly
incorporate fitness and availability indicators of players, including injury history and the required
workload management, to reduce selection risk, particularly in compressed T20 schedules, where there is
little gap between games. Additionally, emerging fielding and running metrics, such as boundary-saving
dives or conversion of quick singles alongside dot-ball percentages for batters, are now used to value
athletic contributions that were previously unquantified or overlooked in decision-making (Varma, 2023).
Public vs Private Analytics

Teams use a mix of publicly available data and proprietary analytics. Public platforms provide extensive
ball-by-ball datasets and basic performance metrics like runs, batting averages, bowling averages, strike

rates, and more regarding players, which are valuable for initial screening and comparative evaluation.
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These datasets are commonly used to analyze player statistics and their playing styles in auctions and the
starting eleven’s selection discussions (Varma, 2023).

However, franchises complement these with internal analytics systems, which integrate scouting reports,
training data, and custom-made performance models that are tailored to specific team philosophies and
their tactical needs. Private analytics often also include advanced visualization tools such as Tableau or
Power BI and machine learning models that detect subtle performance patterns or fatigue signals amongst
players, which are insights that are not available in standard public data (Editor, 2025). Public data alone
also has limitations in capturing tactical intent or nuanced match contexts, making these private/exclusive
systems quite essential for deeper support in decision-making.

Key Analytical Methods in Use

Selection analytics in the IPL typically employs quite a step-by-step approach.

Descriptive analytics helps summarize historical player performance patterns (e.g., a bowler’s economy
in death overs or an opener’s powerplay strike rate), providing a baseline understanding of what happened.
Diagnostic analytics explains why outcomes occur by linking performance to factors such as matchups,
conditions, usage, and player intent. This helps teams separate situational effects from underlying skill

and avoid misleading conclusions based only on results.

Predictive analytics uses forecasting models to estimate the future performance of players based on
current form and experience alongside the risk of selection under different scenarios, supporting strategies
for auctions and retention.

Finally, prescriptive analytics recommends specific decisions, such as optimal auction price ceilings for
particular role-based individuals, shortlist formation, and playing XI combinations for different
conditions, using simulations and optimization models (Insight Software, 2021).

Together, these methods transform raw data into insights that sound practical to guide selection decisions
in a structured and evidence-based manner.

6. Analytical Metrics That Changed Selection Decisions

Player selection in the IPL’s modern era has evolved from reputation-based player judgments to structured,
data-driven evaluation models that assess the impact, efficiency, and contextual performance of players.
With growing financial stakes at auctions and with the league growing to an unprecedented scale,
franchises now rely on analytics to reduce uncertainty and identify players who offer the highest expected
performance value relative to the cost they come for (Bytes, 2023). This shift has resulted in the
widespread adoption of precise, finer metrics and a combination of indicators that help in better capturing
T20-specific contributions than traditional aggregates.

Batting Metrics

In the IPL, the selection of batters now occurs by focusing on their intent, scoring efficiency, and
situational impact (like impact under pressure) over simple volume-based measures such as total runs or
individual batting averages of batters. Analytics-based evaluation highlights that strike rate as a metric,
particularly in high-risk phases, has a stronger relationship with positive match outcomes for teams than
run accumulation alone (Varma, 2023).

A batter's ability to create momentum and release pressure off their team nowadays is measured by metrics
like boundary percentage and their dot-ball percentage. For instance, despite varying averages, players
like Andre Russell and Nicholas Pooran are still highly regarded because of their remarkable hard-
hitting and finishing efficiency, which are highlighted by analytics that demonstrate their exceptional
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strike rates. Suryakumar Yadav, the current Indian T20I captain, is a key example of the role of analytics
in decoding player performance, being a player who entered the Indian team due to his low dot ball
percentage and high boundary ratio in middle overs against spinners in 2020-22.

Furthermore, the choice of players like Travis Head and Sunil Narine as specialized openers who go
and hit from ball one has been influenced by specific metrics that decode their performances in those
overs. Their strike rates against pace, attacking shot percentage, and boundary conversion rates under
fielding restrictions are the data metrics that support the choice of opening too, as there was previously a
small sample size for the same.

In the middle overs, franchises analyze the dismissal patterns against spin for batters, strike rotation
efficiency, or dot-ball percentages, alongside performance under rising required run rates, which would
showcase the temperament of players. Finisher valuation is particularly data-centric, as itend-of-overon
the end-of-over strike rate, success in chasingthe scenarios, and composure of the batters under pressure.
Such role-specific metrics often outweigh aggregate statistics as a whole, explaining why finishers who
barely even face ten deliveries per inning continue to command extremely high auction prices, while the
need for batters who play the anchor role keeps diminishing (Bytes, 2023).

Bowling Metrics

The rise of analytics has shifted the focus on bowlers from wicket tallies to contextual control and phase-
wise effectiveness. Bowling economy rate is now divided phase by phase between the powerplay, middle,
and death overs, allowing franchises to look at specific bowlers who could execute precise roles applicable
to their team’s tactics and combinations (Editor, 2025).

To evaluate the success of bowlers in the death overs, statistics like boundary prevention rates, execution
consistency, and discipline (number of wides and no-balls bowled) are crucial. Advanced statistics such
as yorker execution rates, pace variation graphs, and length accuracy are used to assess the repeatable skill
of bowlers rather than outcome-driven success. Jasprit Bumrah exemplifies this approach, with the
Mumbeai Indians highly valuing his consistent death-over economy, yorker efficiency, and length control,
giving them valuable returns over time even in matches where he had rather modest wicket returns.

At the same time, teams approach the powerplay overs with strategies as well, looking for bowlers who
can stem the flow of runs and take early wickets by exploiting the new ball and putting the opposition on
the back foot frbeginning itself. Bowlers such as Deepak Chahar, Bhuvneshwar Kumar, Mohammed
Shami, and Trent Boult have been noteworthy examples of converting the cricket scoreboard into a
football-style score and are frequently highly sought by teams for their ability with the new white cherry.
Franchises regularly use matchup-centric data to optimize batting orders, exploit left-right combinations,
and select bowlers with proven historical success against specific batters and handedness. For instance, a
few players who demonstrate this include Ravi Ashwin, who has excellent numbers against left-handers,
and even Sandeep Sharma, someone who is often preferred due to his strong record against a legend in
Virat Kohli, in addition to his effectiveness in the death overs. Partnerships with analytics providers such
as CricViz enable franchises to simulate these specific matchups, directly influencing their auction targets
and playing XI construction as a whole (Dixon, 2025).

All-Rounder Valuation

All-rounders hold a central and key role in squads that are built with analytics at their forefront, as they
are players who have the ability to contribute across disciplines while providing tactical flexibility to the
team. Data models measure the “two-skill premium” that is associated with all-rounders; through the
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estimation of the combined batting and bowling impact they have, instead of simply looking at the roles
independently (Bytes, 2023).

Pace-bowling all-rounders such as Hardik Pandya and Andre Russell historically have been highly
valued for offering death-over reliability alongside their explosive end-over hitting capabilities, helping
reduce the team's dependence on specialist bowlers as well. Even recently, in the IPL 2026 Mini-Auction,
Cameron Green was a player in extremely high demand, becoming the most expensive overseas player in
the IPL ever, being sold for a whopping 25.2 crores, indicating the importance and value of pace-bowling
all-rounders in T20 cricket dynamics (Basu, 2025). Moreover, even spin all-rounders are equally important
and highly prized due to the control and balance they bring to team combinations. Examples include
players like Ravindra Jadeja, Sunil Narine, and Axar Patel, who are sought after for middle-overs
wicket-taking abilities coextendedth the extending batting depth each of them provides, enabling teams to
adapt to the pitch, matchup, and venue conditions.

Usually, all-rounders are valued as strategic assets because their versatility allows teams to make adaptable
combinations that could perform across conditions without losing balance. By contributing reliably with
both bat and ball, they reduce selection risk, optimize the team’s overseas slots, and improve squad
efficiency, which explains their consistently high valuation in today’s era.

Fielding and Athletic Value

Over time, fielding has also become a measurable variable upon which players get selected. Data metrics
such as catching efficiency, runs saved, and direct-hit conversion rates are now embedded into evaluation

models, since observations have shown that marginal fielding gains often translate directly into teams
having an increased win probability in close T20 contests (Bytes, 2023; Dixon, 2025). As a result, athletic
fielding increasingly acts as a differentiator between otherwise comparable players, reflecting the broader
impact of fielding on team performance.

Evidence from the IPL and the Impact of Analytics on Selection Qutcomes

Data analytics has reshaped IPL player selection by unifying auction strategy, squad construction, and
matchday decision-making within a single analytical framework. Rather than relying on intuition or star

appeal, franchises now use quantitative models to assess expected contribution, contextual suitability, and
risk, grouping players into value bands and setting price ceilings to identify undervalued domestic talent
and avoid reputation-driven overpayment.

The IPL 2026 mini-auction strategy of Chennai Super Kings illustrates the same quite clearly. Despite
having the second-highest purse while entering the auction, CSK invested I14 crore each in uncapped
domestic players Prashant Veer and Kartik Sharma instead of established international names that were
available. This decision reflects the confidence teams have in performance indicators these days, such as
domestic strike rates under pressure (taken from tournaments like the SMAT, UPT20, etc.), dot-ball
percentages for spinners like Veer, and even the suitability of players for Chepauk conditions (null, 2025).
These metrics have gained growing preference over brand value, illustrating how analytics effectively
diminishes informational disparities.

Moreover, the Impact Player rule is something that has again reinforced analytics-driven selection. Its
introduction has led to a sharp rise in scoring rates along with a surge in 200-plus totals, reflecting a
reduced batting risk and greater aggression and intent from batters (Nag, 2025). Analytics increasingly
stresses the situational impact of players and the employment of specialists, contributing to the relative
declining value of all-rounders with bits and pieces of skills as players, while rising demand for power
hitters and death-over bowlers.
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Finally, venue-specific analytics combines long-term planning with matchday execution. Franchises like
CSK and Mumbai Indians consistently align their squad construction with their home-ground conditions,
as CSK always emphasizes spinners (like Noor Ahmad, Jadeja, Ashwin, Santner, etc.) in the recent past
for chokeholding teams by maintaining control in the middle overs for Chepauk’s slower surfaces.
Similarly, MI too always prioritizes having bowlers with pace and bounce (like Bumrah, Boult, Archer,
Thusara, Madhwal, Hardik, etc.), batters with power-hitting ability, and players with athletic fielding
capabilities for Wankhede’s high-scoring environment. Collectively, these findings demonstrate that
analytics now truly anchors player evaluation in the IPL, alongside the auctions and match strategies of
teams within a cohesive and data-driven selection approach.

7. Case Studies: Evidence of Analytics-Driven Team Building in the IPL

Analytics translates from theory into practice, and this section presents two evidence-based mini case
studies into ofsame: Rajasthan Royals (RR) and Gujarat Titans (GT). Both franchises represent
statistically solid and developed models, but apply data in quite distinct ways: RR through organized talent
identification and decision alignment, and GT through predictive simulations and a Moneyball-style squad
optimization.

Rajasthan Royals: Systematised Talent Mining and Decision Alignment

Team Strategy, Gy Identity and Selection Philosophy

Season after season in the IPL, Rajasthan Royals have established themselves as a franchise that focuses
on identifying, developing, and retaining undervalued talent. In the modern analytics era, this identity has
evolved into a highly structured, data-led player recruitment and match-management system.

RR’s Director of Strategy & Analytics, Giles Lindsa,y, in interviews has revealed that analytics sits at the
center of their player acquisition process, auction preparation, and game day planning. They function with
a “triple-lock” model, in which analysts, scouts, and coaches all must come together while being on the

same page before any selection decision is finalized (Prakash Govindasreenivasan, 2025). The team also
creates data profiles for players even before scouts observe them live, using benchmarks taken from
domestic T20 competitions to assess the role suitability of the players rather than just the raw aggregates.
Auction and Squad Construction Patterns

RR’s auction approach reflects the mindset of having long-term optimization of players and resources
rather than retaining stars for the short term. The franchise’s analytically difficult decisions of releasing
high-profile star players such as Jos Buttler, Trent Boult, Yuzvendra Chahal, and R. Ashwin ahead of the
IPL 2025 Mega Auction reflect the same, prioritizing having a multi-year squad cycle and a younger squad
instead. The use of analytics-driven simulations to model auction scenarios, player availability, and price
inflation has helped RR to plan for supply—demand imbalances in the auction rather than reacting in real
time and feeling the sense of panic.

Outcomes and Evidence of Effectiveness

This approach has enabled RR to consistently uncover and develop young Indian talent such as Dhruv
Jurel and Vaibhav Suryavanshi. The acquisition of Suryavanshi, the 14-year-old, has further reinforced
the team’s identity of backing young talent while paying results as well, as he struck the joint-fastest IPL
hundred by an Indian in just his maiden season. Furthermore, the team has incorporated the use of tools
like Str8Bat and FullTrack.ai in their training to track bat speed, timing efficiency, and training outputs
for batters, bringing measurable improvements, as Suryavanshi, for instance, improved his timing
efficiency by 12% over four months ahead of the 2025 season (Prakash Govindasreenivasan, 2025). RR’s
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repeated ability to remain competitive despite squad churn and the strong squad assembled ahead of the
2026 season, becoming solid contenders, suggests that analytics has reduced selection risk and increased
decision reliability as a whole.

Overall, RR’s case demonstrates how analytics enhances the quality of decisions not by replacing
cricketing judgment, but by structuring it such that it reduces bias, preserves the team’s identity, and
enables coherent long-term team planning.

Gujarat Titans: Moneyball Logic and Predictive Modelling

Team Stra,tegy Ide,ntity and Selection Philosophy

Guyjarat Titans entered the IPL as a new franchise but quickly established a reputation for having analytical
clarity, role discipline for players, and calm execution of plans. Their debut title win in 2022 reflected a
strategy built on quiet and efficient performance rather than explosive star power.

GT’s approach is similar to a Moneyall-style model because it has a clear focus on roles, predictability,
and undervalued skill sets, looking to maximize performance within the resources available (Sajid, 2019).
Being backed by CVC Capital Partners, an ownership group with extensive experience in data-driven
sports investments, while also being supported by Dream11’s data ecosystem, GT uses predictive models,

matchup analysis, and weather/venue-based simulations in titssquad planning.

Auction Patterns and Role Focus

Rather than pursuing marquee names, GT has invested in players whose metrics indicated situation-based
value and the ability to excel under pressure. Picks such as Rahul Tewatia, R. Sai Kishore, Abhinav
Manohar, and Sai Sudharsan exemplify this logic, as they were never those big players but ended up
delivering exceptionally for the Titans. The success provided by these underrated picks could be seen
through Sai Sudarshan’s orange cap performance in 2025, being the highest scorer of the season while
batting at a healthy strike rate, and Rahul Tewatia’s ability to repeatedly win close games with his finishing
efficiency year on year. These players were not headline signings but consistently always delivered in
high-pressure moments, supporting analytics-led role valuation over the traditional reputation-based
selection of cricketers (Vakil, 2025).

Outcomes and Evidence of Effectiveness

The success of the Gujarat Titans across multiple seasons, from the victory in 2022, the runners-up
performance in 2023, and the Qualifier 2 appearance in 2025, shows how this approach is truly effective.
Their squads over these 4 years have always shown tactical adaptability with Ashish Nehra at the helm.
Particularly in close games, they have always shown immense character, suggesting that predictive
planning and establishing role clarity amongst the team directly translates into positive on-field outcomes.
To summarize, the Gujarat Titansares an excellent example of how analytics can compress competitive
schedules. GT is one of those teams that has achieved long-term success without depending on legacy-
based advantages or star-studded lineups by limiting their auction inefficiencies and maximizing particular
player role fit.

Together, RR and GT exhibit two opposing approaches to analytics, with RR emphasizing system
coordination and squad developmental depth with the goal of constructing a squad for the future, and GT
focusing on predictive optimization and role efficiency rather than having star-studded lineups. Both of
these situations support the conclusion that analytics, when structurally integrated into IPL improveamics,
improves selectionreduceiveness, reduces volatility, and provides a long-term competitive edge in the
modern IPL.
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8. Evaluation of the Transformation in IPL Player Selection

To begin, it is necessary to clarify what is considered credible evidence of “transformation” in IPL player
selection. Rather than simply treating it as a single measurable outcome, it could be approached as a set
of observable and continuous shifts in selection logic, evaluation of players, and squad construction
patterns that align with the increasing adoption of analytics in the decision-making of teams.

One indicator of transformation lies in how franchises themselves convey their selection philosophy to the
world. Over time, interviews, strategy disclosures, and media interactions have shown a clear change in
the language used by team management to explain their selection decisions. Concepts like the role fit of
players, their phase-wise contribution, and matchup efficiency are now prominently mentioned, replacing
the earlier emphasis on traditional aggregates like batting averages or total wickets taken by players.
Furthermore, in a recent interview with Cricbuzz, Giles Lindsay, Rajasthan Royals' Director of Strategy
and Analytics, explicitly emphasized the significance of analytics in transforming the recruitment process
and match management of the team as a whole, illustrating how the use of these methods is now disclosed
to the world. This shift in communication reflects a more fundamental shift in how franchisees understand
and determine player worth, as well as justify it within their decision-making processes.

The evolution of auction valuation patterns is another indicator. Over time, changes in how franchises
allocate their resources across different roles, from opening to finishing to death bowling, etc., provide
tangible evidence of shifting team priorities. The rise of continuous price increases for specialized T20
positions particularly demonstrates that teams are responding to analytically defined conceptions of effect
rather than the legacy or reputation of players. These specialized positions include death-over bowlers,
specialist finishers, and powerplay enforcers, and we can see their rising value through the sustained
demand for players like Bumrah, Arshdeep, Rinku Singh, Klaasen, Phil Salt, and Travis Head, amongst
many others. Tracking these valuation trends across seasons allows for much greater comparison between
earlier IPL cycles and the modern analytics era altogether.

Furthermore, selection outcomes themselves are observable indicators too. The growing number of players
selected exclusively for format-specific skill profiles represents how teams are shifting away from
previous preferences for generic or all-format players. These specialists include hitters valued for strike
rate and intent over run accumulation, bowlers chosen for control and execution in certain phases, and
specialists whose contributions are specifically tailored for extreme circumstances. Notably, some of these
T20 specialists include players like Suryakumar Yadav and Sunil Narine, amongst many other big names.
When such trends are constant across teams and franchisees, it indicates a systemic shift in strategy rather
than team-specific judgments as a whole.

While acknowledging that correlation amongst teams’ approaches does not imply connection between
their strategies, the study looks to investigate whether analytically structured squads have higher
competitive consistency. To measure analytics-driven transformation, the study conducts comparative
secondary research, looking into changes in early and current IPL auction spendingthe as well as how
values of role-based specialists have altered over time.

9. Limitations, Biases, and Criticisms of Analytics in IPL Selection

Analytics has clearly aided decision-making in player selection and auctions in the IPL; nevertheless, its
application is limited by structural, contextual, and behavioral factors. In a format as unpredictable as T20,
and especially in a human-driven auction setting, data models must be evaluated with caution. Overall,
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this section aims to investigate how analytics might mislead or oversimplify real-world selection
decisions.

Data Quality and Contextual Limitations

A fundamental challenge for analytics in the IPL is data quality and its contextual relevance. T20 cricket
usually generates relatively small sample sizes, as players are often judged on less than 10—15 innings
played or spells bowled in a season. In such conditions, performance metrics are highly volatile, where a
tiny number of successful or unsuccessful games can heavily influence the final statistical outputs.

Therefore, randomness and luck play a much larger role when compared to the longer formats, reducing
the reliability of short-term data for making long-term projections.

A mismatch of context further complicates player evaluation as well. Player success in other leagues, such
as the Big Bash League, PSL, or domestic T20 competitions, does not automatically translate to IPL
performance due to stark differences in pitch behavior, venue dimensions, opposition quality, travel
demands, and most importantly, the pressure of the Indian Premier League. Many instances include how
players such as Tymal Mills, Riley Meredith, and Jhye Richardson, who were paid handsomely for their
exceptional achievements in the BBL, flopped spectacularly in the IPL due to their lack of adaptability to
the pressure and Indian circumstances. Similarly, venue- or pitch-specific success can skew the overall
numbers of players as well, since players excelling on slow, turning surfaces may struggle on flatter and
high-scoring grounds, despite having strong aggregate numbers. Analytics that fail to adequately control
for these contextual variables risk overstating a player’s auction market value as a whole.

In addition, available datasets often omit qualitative factors such as leadership, adaptability, and
temperament under pressure, highlighting the importance of intuition and scout opinion in making
selection decisions as well. These aspects are difficult to quantify but are frequently decisive in the [PL’s
high-stakes environment, showing a serious limitation of analytics-based selection models.

Model Bias, Overestimation, and Auction Market Constraints

Analytics-led selection in the IPL is affected by several interconnected biases and market limitations that
reduce the predictive reliability of analytical models. Survivor bias skews statistics toward players who
have already had opportunities and performed within the IPL ecosystem, while capable players who are
dropped early or never selected before remain underappreciated. This is reinforced by selection bias, too,
as franchises often prefer experienced or previously successful IPL performers, creating a feedback loop
in which known players continue to accumulate data, statistics, and opportunities regardless of their actual
ability to succeed in place of others.

The short and volatile nature of T20 cricket amplifies the risks of analytics-led selection. With limited
samples, models may capture variation rather than repeatable skill, creating false confidence in predictions
for successful squad combinations. Reliance on historical data is especially problematic when players
change their roles, teams, or conditions, while key intangibles such as leadership, adaptability, and mental
resilience remain difficult to quantify/measure, despite their continued importance in franchise decisions
to select players.

Overall, these limitations are most evident during live IPL auctions, where market dynamics often prevail
over the analytical forecasts. Although pre-auction models set value bands and price ceilings for specific
players based on their value, experience, and performances, emotional bidding, recency bias, media hype,
and role scarcity frequently inflate prices beyond data-supported valuations. For example, Venkatesh Iyer
going for 23.75 crores in the 2025 mega auction was a significant example of the same, as KKR went after
him mostly owing to emotions, with him being a player who had brought them enormous success in the
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past, leading to the team massively overbidding for him. The fast-paced and unpredictable nature of
auctions makes it difficult to apply analytical approaches, emphasizing the importance of balancing data-
driven insights with human judgment.

Ethical, Governance, and Integration Concerns

Finally, the expanding use of player data raises key ethical and governance-based issues. Wearable
technology, biometric tracking, and video analytics generate sensitive personal data in relation to these
players, yet there is limited transparency regarding ownership, authorization, and the long-term use of this
data. Players are rarely informed how internal valuation models rate them, despite these assessments
directly affecting their auction valuations, selection decisions, and career trajectories.

Collectively, these limitations suggest that analytics, while being extremely helpful in building selection
models, cannot effectively function alone. In the IPL, good selection results rely on a balanced
combination of data-driven insights with scouting judgment, coaching skill, and contextual awareness of
cricket's uncertainties. Ultimately, analytics is most effective when it supports decision-making and not
when it replaces human interpretation in a complex and dynamic environment.

10. Discussion: Implications of Analytics-Driven SelectiongreatestPL

The strongest improvement that analytics has brought into the IPL has been the move from reputation-
driven selection to the role- and value-driven decision-making that teams currently do. Franchises now
define players by their expected impact in specific phases rather than just by their primary statistics, which
has improved both auction discipline (in terms of bidding) and the squad balance of teams as well. Chennai
Super Kings and Gujarat Titans demonstrate these changes really well, as CSK’s repeated success with
role-fit domestic players and GT’,s 2022 title win built around undervalued players and clearly defined
roles show how structured analytics can help outperform teams with star-heavy approaches. Moreover,
analytics over time has also strengthened the domestic talent identification of teams, allowing franchises
to invest early in talented young players like Rinku Singh or Sai Sudharsan before their market inflation,
improving long-term return on investment as a whole.

However, analytics has not eliminated uncertainty in the possible outcomes that may occur. Highly volatile
T20 roles, such as those of finishers or death-over bowlers, remain difficult to predict, even with the
sophisticated etoday in today. For example, players like Andre Russell, Hardik Pandya, or Jasprit Bumrah
demonstrate this challenge, as their match-winning abilities of becoming an X-factor justify the high
valuation they get, but injury risk and form fluctuations are factors that continue to undermine prediction
accuracy. Similarly, analytics struggles to capture leadership and pressure management, too. CSK’s
continued reliance on MS Dhoni as their central figure, even as his individual batting metrics have
declined, highlights how franchises still benefit from experiential value, brand value, and, most
importantly, game awareness in critical moments, shown by the titles he won in 2021 and 2023, becoming
factors that data only partially reflects. These cases emphasize the fact that analytics supports decision-
making but does not replace individual cricket judgment onae larger scale.

The Future of Analytical Decision Making in the IPL

Moreover, the future of analytical decision-making in the IPL is evolving from established player choices
in the past to an ongoing improvement of their resources now. IPL 2025 clearly demonstrated this

transition. It has been seen how the Mumbai Indians have made use of Al-driven workload and
biomechanical monitoring to optimize bowling rotations and reduce injury risk, whilehas have used real-
time Al simulations to adjust their matchups mid-game, showcasing how analytics now influence selection
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beyond auctions and into match execution as well (Anjali Rawat (Avi), 2025). Looking into the future,
Al-assisted scouting, injury predictions, and dynamic auction simulations are just some of the things that
could likely be done to further blur the boundary between selection strategies and performance
management. Competitive advantage will increasingly depend not on teams’ access to data, but on how
effectively they combine analytics with the contextual understanding of data, coaching insight, and on-
field leadership.

11. Conclusion

This research provides empirical evidence that data analytics has transformed player selection in the Indian
Premier League, marking a clear shift from reputation-based judgments to structured, role-specific, and
value-driven decision-making. Since the emergence of the modern analytics era around 2015, franchises
have increasingly leaned towards the use of contextual performance data and phase-wise impact metrics
of players, alongside optimization models, to overcome the uncertainties of T20 cricket and the financial
risks associated with these high-stakes auctions.

The analysis highlights several recurring patterns. Selection criteria have moved beyond traditional
aggregates toward metrics that capture intent, efficiency, and the situational impact that players can have
on a game. Auction strategies now demonstrate greater budget allocations to players, clearer role
prioritization, and a more effective identification of undervalued domestic talent, as reflected in examples
such as CSK’s 2026 mini-auction approach and Gujarat Titans’ analytics-driven squad construction
ideology since they have joined the IPL. Case studies of Rajasthan Royals and Gujarat Titans further show
that when analytics is strategically embedded into team strategies, it can reduce selection risk, improve
squad balance, and support sustained competitiveness over time.

At the same time, the findings emphasize that analytics is not a substitute for scout judgment and the eye
for talent. Variances in performance/player form, injuries, leadership, pressure management, and auction
psychology remain difficult to model accurately despite all the advancements. The fact that teams continue
to rely on experienced players to win games in tight situations in critical matches indicates the everlasting
importance of qualitative understanding in addition to quantitative evaluation.

In conclusion, analytics has not replaced human decision-making in the IPL but has reshaped its principles.
By structuring human judgment, clarifying clear role distribution in squads, and aligning spending with
the expected impact of players, analytics has become central to selection in the modern IPL, being most
effective when used as a tool to guide, rather than dictate, cricketing decisions.
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