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Abstract

Digital fitness tracking apps are becoming standard components in student wellness practices. However,
the behavioural worth of an application hinges on whether feedback from the app translates into
motivation, consistent performance, and usable health knowledge. The present study explores the
influence of digital fitness tracking applications on the motivation, consistency in performance, and health
awareness of collegiate students. The document is designed as a survey study, informative, and
quantitative including an analytical study. Since no actual field dataset was provided for this draft, the
empirical section uses a clearly labelled simulated academic dataset of 240 university students to
demonstrate the proposed data structure, statistical analyses and interpretation strategy. A structured
questionnaire employed a Likert scale of five-point to measure the app usage intensity motivation,
consistency, and awareness. Usage of frequency analysis, descriptive statistics, Cronbach’s alpha, Pearson
correlation, independent sample t-test, one way ANOVA, multiple regression and mediation oriented
interpretation. The simulated results showed good reliability for the three constructs, positive correlations
between the intensity of app usage and motivation, consistency and awareness, and significant differences
between low, moderate and high app-usage groups. The regression results indicated that intensity of use
was the strongest predictor of all three outcomes. The research findings from this study indicate that digital
fitness applications can strengthen student fitness behaviour when they include self-monitoring, goal-
setting, feedback and habit forming. The qualitative review concludes that college wellness initiatives
should include the use of fitness apps, physical education that is instructor-led, supportive of privacy, and
not overly ambitious regarding behaviour change.

Keywords: Digital fitness applications; physical activity motivation; performance consistency; health
awareness; college students; wearable fitness trackers; quantitative analysis

1. Introduction
Digital fitness tracking apps have moved physical activity monitoring from episodic self-report to
ongoing, data-driven self-observation. Nowadays, college students use mobile phones, smartwatches,
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wristbands, and connected health platforms to record steps taken, distance covered, heart rate, calories
burnt, active minutes, sleep, exercise streaks, and workouts. These tools are relevant to student health
because in early adulthood there is academic pressure, screen exposure, irregular sleep, and a sedentary
routine that can weaken physical activity habits. Global evidence continues to show physical inactivity as
a significant public health challenge. As per WHO guidance, adults and young adults should undertake
regular aerobic and strengthening activity (Bull et al., 2020; World Health Organization, 2022). In this
context, fitness applications are not regarded as a lifestyle choice; they can be seen as behavioural
technologies that may affect how students set goals, interpret effort, adhere to a routine and become aware
of health-related patterns.

One of the primary objectives in the field of physical education and sports psychology is motivation. This
is primarily because it seeks to explain why a person initiates such activity as well as why a person sustains
such activity. Fitness apps can affect motivation through notifications, graph displays, badges, streaks,
social Comparisons, personalization, and real-time feedback. Fitness app use will be impacted by
perceived usefulness, ease of use, compatibility, observability, and trialability according to Yang and
Koenigstorfer 2021, while rejection will be influenced by relative advantage, complexity, and
appropriateness (Angosto et al., 2023; Yang & Koenigstorfer, 2021). Nonetheless, motivation generated
by apps can become fragile if the app becomes repetitive, intrusive, inaccurate, expensive, or overly reliant
on external rewards. Thus, we must study motivation along with consistency and awareness and not as an
isolated psychological reaction.

The term refers to the extent to which the student regularly maintains a physical activity regime over time.
In student life, the difficulty is not only to once exercise but to maintain a reasonable week-on-week pattern
despite exam, assignment, social life, commuting, and tiredness. Fitness apps can boost consistency by
turning activity into measurable goals on the app, notifying the user of missed targets and using reminders,
feedback to users on their progress to reinforce activity. According to research conducted on Chinese
university students, the intensity of fitness app usage is associated with exercise adherence through
subjective exercise experience and control beliefs, indicating that app use works through psychology and
not just exposure (Zhang et al., 2023). College students’ use of a sports app can result in app use enhancing
the relationship between exercise motivation and exercise adherence, according to research by Li et al.
(2024).

The current study focuses on an integrated student-centric model that studies app usage intensity in relation
to physical activity motivation, performance consistency, and health awareness at the same time. Based
on the research, it is not mobile app ownership that leads to health benefits. The researcher puts it as a
behavioural exposure. Then the overall effect of the study depends on the frequency of often the mobile
app is used. It also depends on the use of the features, wearable integration as well as perceived value. The
paper thus proposes a quantitative analytical framework colleges can use to evaluate whether these digital
fitness tracking tools are genuinely benefitting student wellness or just another layer of digital surveillance.

2. Two. Literature Review.

Digital fitness apps as a technique for health behaviour change

In short, mobile applications that focus on physical fitness fall under the umbrella term digital health which
includes any smartphone-based device that seeks to deliver, monitor, or otherwise influence health-related
behaviours in the real world.

A systematic review by Milne-lves et al. (2020) has reported that mobile applications can assist in bhavi-
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our change for physical activity, diet, mental health, and substance-related behaviours. However, their
effectiveness is influenced by intervention design, behaviour-change techniques, and level of engagement,
amongst other factors. This variation is pertinent for a fitness application, as the modeling of a step counter
or a workout plan does not guarantee a behavioural change. A user has to consistently reinterpret feedback
and set substantial goals while incorporating it into their everyday life.

The acceptance of technology helps determine the use of fitness applications. According to Yang and
Koenigstorfer (2021), intention to use smartphone fitness applications was explained by effort expectancy,
price value, facilitating conditions, performance expectancy, and habit. The results of their studies showed
that the app will be used by students if they consider it to be useful, easy to operate, cost-effective and
compatible with their habits. Likewise, Angosto et al. (2023) claim that intention to use fitness apps has
often been less explored than intention to use other health technologies. However, often studies find
perceived usefulness, ease of use, health consciousness, gamification, and social influence as the possible
drivers of intention to use fitness apps. The findings indicate that students’ routine dependents on app
design and user psychology of fitness digital tools usage.

Fitness Monitoring & Physical Activity Encouragement

Measurable feedback often produces motivation in the context of fitness app use. Students see the evidence
of the efforts they make when they observe progress to daily steps, active minutes, distance or calories.
The study carried out by Vinnikova et al. (2020) found self-efficacy, goal-setting, perceived usefulness,
perceived ease-of-use, social influence significantly explained the behavioural intention and use of
smartphone fitness applications. According to the results of the current study, individuals who used a
fitness app were more likely to perform a substantial amount of exercise as a consequence of interacting
with the app.

Self-Monitoring, Goal-Setting, Performance Consistency

Self-monitoring makes irregular behaviour visible through regular tracking, indicating it is important for
performance consistency. Fitness apps can indicate whether a student’s activity is restricted only to the
weekends. Also, whether they avoid moving when the exams take place. Moreover, whether they fail to
meet weekly targets. According to Ferguson et al. (2022), wearable activity trackers have been shown to
enhance physical activity among a variety of populations, particularly for step-based outcomes. Likewise,
when it came to children and teens, although wearable trackers did not affect moderate to vigorous
physical activity, step count was increased (Au et al. 2024). These results argue that trackers lend
themselves particularly well to indicators of behavioural regularity, while app monitoring may require
extra help to improve activity intensity.

Evidence that is specific to colleges increases the relevance of consistency as an outcome of study. Zhang
et al. (2023) found that considering subjective exercise experiences, the intensity of fitness app use
positively relates to exercise adherence among Chinese college students. More importantly, belief in
control moderated this mechanism. It suggests that app use encourages consistency when students perceive
the exercise experience as positive and controlling. As per Li et al. (2024), the usage of sports applications
plays a mediating role in the process through which exercise motivation affects mental health through
exercise adherence among students. Based on the studies, it is justified and worthwhile to measure
performance consistency as a dependent variable rather than simply assuming it based on usage frequency.
Fitness Apps and Health Awareness Among Students.

Health awareness refers to the user’s understanding of his/her own activity, fitness indicators, and risk
factors related to lifestyle. Fitness tracking apps give you frequent feedback on your steps, sleep, calories,
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heart rate, weight, and amount of movement. Mobile applications and fitness trackers were utilized during
the COVID-19 period to assist in the performance of behaviours like physical activity, diet, sleep, and
mental well-being (Tong, 2022). The findings of their study show that app-based health information can
be extended beyond exercise to a wider area of self-care and preventive awareness.

Findings from university populations suggest that students may view these tools as useful for learning
about health. According to Algahtani et al. (2025), university students who use fitness trackers and mobile
health apps frequently point to improvement of physical activity, monitoring workout, heart-rate tracking,
and motivation as important reasons for use. According to the same study, respondents saw fitness
trackers, mobile apps as linked to increased activity and improved health and confidence. The findings
support the need for measuring health awareness as a separate construct that reflects knowledge and
attention as opposed to physical performance alone in the present study.

The use of technology for social engagement, adherence to applications and behavioural outcome
Just 10 words Digital fitness products will only be effective if people engage with the content. A large
quasi-experimental study by Bo et al. (2023) showed that adoption of health and fitness apps was related
to lower hospital visits, suggesting that adoption can be related to wider health-service outcomes.
Although the study was not limited to college students, it shows that using apps might affect health
behaviour beyond just tracking exercise. However, causal claims in student settings need a careful design,
as students who are more health conscious may be more likely to adopt the apps in the first place.

The literature point towards three mutually linked yet distinct outcomes, namely, motivation, consistency
and awareness. The psychological state prepares the person to take action and health-enhancing behaviour
is done repeatedly and consistently. The person also has information about the health which is estimated
and cognitive. A college student may show high awareness levels but low consistency or may show high
motivation levels but be inconsistent due to academics. This research article will survey the high school
students to know the various factors leading to using the app and different outcomes.

Gap in Research

Earlier studies have shown that fitness apps and wearable trackers can help in physical activity, self-
monitoring, and health engagement but still have several gaps. To begin with, most of the research studies
target adoption intention or app usage but avoid linking usage intensity with specific student outcomes. A
survey of available college-student studies indicates that they often examine exercise adherence or mental
health pathways. However, they very rarely assess motivation, performance consistency, and health
awareness simultaneously (Li et al., 2024; Zhang et al., 2023). Thirdly, health awareness studies talk about
perceived benefits, yet they do not amalgamate awareness with motivational and behavioural consistency
indicators (Algahtani et al., 2025; Tong et al., 2022)

Additionally, even though wearable data may be inaccurate and unhelpful, studies that create a difference
between (perceived awareness) and (objective health measurements) will be useful.

This study aims to fill those gaps through the quantitative analytical model of college students. The
framework considers different utilization patterns, intensity of application use, motivational level,
consistency in performance and awareness of health. The three outcomes are also compared across
different app usage intensity groups and by sex, while we also test whether use intensity predicts the three
outcomes, controlling for demographics and behaviour. Thus the study situates itself at a coalescing point
of physical education, digital health, students wellness, and behavioural analytics.

IJFMR260482945 Volume 8, Issue 4, July-August 2026 4



http://www.ijfmr.com/

~ Y International Journal for Multidisciplinary Research (IJFMR)

i

IJFMR E-ISSN: 2582-2160 e Website: www.ijfmr.com e Email: editor@ijfmr.com

3. The gap in research.

One of the immediate gaps is a student-focused study that integrated the digital fitness tracking
applications as behavioral tools that impact three connected outcomes (i.e. physical activity motivation,
performance consistency, and health awareness). Research studies have been conducted in recent years
which have confirmed that fitness apps may actually impact users on some level, causing them to intent
to engage in physical activity, actually take up app adoption, adherence to exercise or find the app useful
or helpful in some way (Angosto et al., 2023; Yang & Koenigstorfer, 2021; Zhang et al., 2023).
Nonetheless, fewer studies have examined whether the same app usage pattern is associated with
psychological motivation, repeat performance, and health-related knowledge among college students.

4. Objectives of the Study

To assess the usage pattern of digital fitness tracking applications among college students.

To examine the effect of fitness tracking applications on physical activity motivation.

To analyse the relationship between app usage frequency and performance consistency.

To evaluate the impact of fitness tracking applications on health awareness.

To determine whether motivation, performance consistency, and health awareness differ across
gender, year of study, and app usage intensity.

o s wn e

. Research Questions

What types of digital fitness tracking applications are commonly used by college students?

How frequently do students use fitness tracking applications and wearable devices?

What is the relationship between app usage intensity and physical activity motivation?

Does app usage intensity predict performance consistency among college students?

How does digital fitness tracking application use influence health awareness?

Do motivation, performance consistency, and health awareness differ by gender and app usage-
intensity group?

o0k wh o

(3]

. Hypotheses

e H1: Digital fitness tracking application usage has a significant positive relationship with physical
activity motivation among college students.

e H2: App usage frequency significantly predicts performance consistency.

e Ha3: Digital fitness tracking application usage significantly improves health awareness.

e H4: There is a significant difference in motivation, performance consistency, and health awareness
based on app usage intensity.

e H5: Physical activity motivation mediates the relationship between fitness app usage and performance

consistency.

7. Methodology

The research design of the study is quantitative, descriptive, analytical. The demographic profile, app
preference, wearable use and frequency of app usage is measured by the descriptive component. The
analytical part considers the relationship among app usage intensity, physical activity motivation,
performance consistency, health awareness. The design is appropriate for colleges and universities

IJFMR260482945 Volume 8, Issue 4, July-August 2026 5



http://www.ijfmr.com/

~ Y International Journal for Multidisciplinary Research (IJFMR)

i

IJFMR E-ISSN: 2582-2160 e Website: www.ijfmr.com e Email: editor@ijfmr.com

because data can be collected from a relatively larger sample of students within a short period of time and
analysed using commonly used statistical software.

The population is college student with age range between 18 to 25. A simulated demonstration utilizing a
sample size of 240 students was conducted within the suggested range of respondents of between 200 and
300. When there is access, respondents can be done through stratified random sampling across year of
study and stream, or convenience sampling in the field implementation. The inclusion criteria will consist
of currently enrolled in college programme, able to communicate in English, age group 18 — 25 years,
aware of or using fitness tracking application, and willingness to give informed consent. The exclusion
criteria will comprise of incomplete responses as well as refusal of consent.

The data will be collected through a structured questionnaire, which would be filled in Google Forms or
through an offline survey schedule. The survey consist of demographic information of respondents, usage
of a digital fitness app, performance consistency, health awareness and the motivation to conduct physical
activities. The five-point Likert scale was used to measure the items, patterned on 1 = strongly disagree to
5 = strongly agree.

Highest scores denote higher motivation, greater consistency, superior health awareness, or stronger app
use intensity.

The digital fitness tracking application usage is the independent variable. | defined the phenomenon
through the frequency of use of the digital fitness application, duration of use, number of features used
within the app, and wearable integration. The dependent variables refer to physical activity motivation,
performance continuity and health awareness. Control variables include age, gender, year of study,
academic stream, residence type, sports participation, type of app used, and frequency of app use. In this
research, ethical considerations like voluntary participation, informed consent; anonymity; confidentiality
of responses and use of data for academic purposes etc. will be taken care of. Data collected in this
questionnaire-based study does not require personally identifiable health record or device level biometric
data.

The present draft of the manuscript is illustrated with a simulated educational dataset for a statistical
analysis In order to showcase the analysis, simulated data were generated to reflect plausible students.
They must not be categorized as authentic primary data. In the final submission, the simulated data set
must be replaced with actual survey responses collected under institutional research guidelines.

8. Data omnipotence implement choice/Questionnaire.

This five-sectioned structured questionnaire acts as the data collection tool. Section A maintains
demographic data. The Section B records the use of the digital fitness app by the type of app used, duration
of use, frequency of use, use of wearable device if any, and features used. Section C aims to assess the
motivation behind physical activity. Section D, consistency in performance. Part E measures health
awareness. The Questionnaire, and scoring methods are found in the appendix.

9. Procedures for Data Analysis

The suggested investigation starts with frequency and percentage analysis for demographic profile and
application pattern. The mean and standard deviation for app usage intensity, physical activity motivation,
performance consistency and health awareness is calculated. The reliability of multi-item constructs was
assessed through Crabach’s alpha. Acceptable values for academic survey research are those above .70.
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The relationships of the major variables will be analysed through correlation analysis using Pearson’s
formula.

Independent-sample t-tests analysed whether motivation, consistency and awareness varied by gender.
One-way ANOVA tests if low, medium and high app usage-intensity groups have dissimilar outcomes.
Multiple regression analysis assesses whether the intensity of app usage predicts motivation, performance
consistency and health awareness, controlling for demographic and behavioural characteristics. This
article incorporates a mediation-oriented interpretation to understand whether motivation can help explain
the app usage-performance consistency relationship. The analysis of data can be done using SPSS, Jamovi,
R, Excel or Python.

10. Results and Analysis of Data

A simulation exercise’s results will now be presented based on an academic dataset of 240 students. The
data will only be used to illustrate the structure of analysis and interpretation. It must be replaced with real
survey data before submission.

Table 1. Demographic profile of respondents (N = 240)

Characteristic Category n %
Gender Female 132 55.00
Gender Male 108 45.00
Year of study Second year 69 28.70
Year of study First year 64 26.70
Year of study Third year 55 22.90
Year of study Final year 52 21.70
Academic stream Commerce/Management | 58 24.20
Academic stream Engineering/Technology | 58 24.20
Academic stream Science 54 22.50
Academic stream Arts/Humanities 49 20.40
i Physical

Academic stream Education/Sports 21 8.80
Residence type Day scholar 103 42.90
Residence type Hostel 87 36.20
Residence type Paying guest/Rental 50 20.80
Sports participation Occasional 106 44.20
Sports participation Regular 80 33.30
Sports participation No 54 22.50

Note. Percentages are calculated from the simulated sample.

Table 1 indicates that the simulated sample was balanced across male and female respondents, with
representation from different years of study and streams. The inclusion of students with regular,
occasional, and no sports participation is useful because pre-existing sport involvement may influence
both motivation and consistency. This demographic spread allows the model to examine app-based fitness
behaviour beyond a single academic stream or activity background.

Table 2. Fitness tracking application usage pattern
Usage indicator Category n %
Application used Google Fit 55 22.90
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Application used Samsung Health 42 17.50
Application used HealthifyMe 34 14.20
Application used Apple Health 32 13.30
Application used Strava 25 10.40
Application used Nike Run Club 23 9.60
Application used MyFitnessPal 16 6.70
Application used Fitbit/Garmin 13 5.40
Frequency of use Rarely 26 10.80
Frequency of use 1-2 days/week 47 19.60
Frequency of use 3-4 days/week 62 25.80
Frequency of use 5-6 days/week 60 25.00
Frequency of use Daily 45 18.80
Duration of use < 1 month 36 15.00
Duration of use 1-3 months 46 19.20
Duration of use 4-6 months 64 26.70
Duration of use 7-12 months 54 22.50
Duration of use > 1 year 40 16.70
Wearable device use No 140 58.30
Wearable device use Yes 100 41.70

Note. Categories are illustrative and may be modified according to locally used applications.

Table 2 shows that Google Fit, Samsung Health, Apple Health, HealthifyMe, Strava, Nike Run Club,
MyFitnessPal, and Fitbit/Garmin-type platforms were included in the simulated usage profile. The
distribution reflects the practical reality that some students use phone-based applications while others
combine apps with wearable devices. The frequency distribution also allows app usage intensity to be
converted into low, moderate, and high usage groups for comparative analysis.

Table 3. Descriptive statistics of major variables

Variable Mean SD Minimum Maximum
Usage intensity 3.17 1.03 1.00 5.00
Motivation 3.34 0.81 1.56 5.00
Performance 3.27 0.89 1.11 5.00
consistency

Health awareness | 3.42 0.72 1.44 5.00

Note. Scores are based on a five-point scale; higher scores indicate stronger presence of the construct.

Table 3 indicates that the mean scores for motivation, performance consistency, and health awareness
were above the midpoint of the scale in the simulated sample. Health awareness showed the highest mean,
suggesting that students may first experience fitness apps as information tools before translating awareness
into consistent performance. Performance consistency had a slightly lower mean than awareness, which
is plausible because maintaining a routine requires more behavioural effort than noticing health metrics.

Table 4. Reliability analysis using Cronbach’s alpha

Construct Number of items Cronbach's alpha
Physical activity motivation 9 0.93
Performance consistency 9 0.94

[JFMR260482945

Volume 8, Issue 4, July-August 2026



http://www.ijfmr.com/

~ Y International Journal for Multidisciplinary Research (IJFMR)

E-ISSN: 2582-2160 e Website: www.ijfmr.com e Email: editor@ijfmr.com

IJFMR

| Health awareness E 10.93 \
Note. Values above .70 indicate acceptable internal consistency for research use.

Table 4 shows high internal consistency for all three multi-item constructs. This indicates that the items
within each scale measured a coherent underlying construct in the simulated dataset. In an actual survey,
such reliability values would support the use of composite scores for motivation, performance consistency,
and health awareness.

Table 5. Pearson correlation matrix

Variable Usage intensity Motivation Perfc_)rmance Health
consistency awareness

Usage intensity 1.000 0.726 0.757 0.636

Motivation 0.726 1.000 0.740 0.539

Performance 0.757 0.740 1.000 0.566

consistency

Health awareness | 0.636 0.539 0.566 1.000

Note. All off-diagonal correlations in the simulated dataset were significant at p < .001.

Table 5 demonstrates positive associations among app usage intensity, motivation, performance
consistency, and health awareness. The correlation between usage intensity and performance consistency
was particularly strong, suggesting that students who used tracking applications more intensively were
more likely to report regular activity behaviour. The correlation between motivation and consistency also
supports the assumption that motivated students are more capable of maintaining repeated performance.

Table 6. Independent-sample t-test for gender-based differences

Variable Female M | Female SD | Male M Male SD t p
Motivation | 3.29 0.79 3.40 0.83 -1.02 0.310
Performance | 5 4 0.89 3.33 0.88 -0.87 0.385
COHSIStenCy

Health 3.42 0.73 3.42 0.73 -0.00 0.998
awareness

Note. Female and male means are compared using Welch’s t-test in the simulated dataset.

Table 6 shows no statistically significant gender-based differences in motivation, performance
consistency, or health awareness in the simulated dataset. This suggests that app-related behavioural
outcomes may be more strongly associated with usage intensity and sports participation than gender alone.
In a real survey, the absence or presence of gender differences should be interpreted in relation to campus
culture, safety, access to sports facilities, and technology ownership.

Table 7. One-way ANOVA based on app usage intensity

Variable Low M Moderate M | High M F p
Motivation 2.61 3.38 3.94 103.50 < .001
Performance |, g 3.40 3.93 133.82 < .001
conS|stency

Health 2.86 3.44 3.90 67.50 <.001
awareness

Note. Low, moderate, and high groups were created from the simulated app usage intensity score.
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Table 7 indicates statistically significant differences across app usage-intensity groups for all three
outcomes. Students in the high usage-intensity group reported higher motivation, greater performance
consistency, and stronger health awareness than students in the low and moderate groups. The pattern
supports H4 and suggests that frequent, feature-rich app use is more relevant than simple app ownership.

Table 8. Multiple regression analysis predicting major outcomes

Outcome Predictor B SE t p R2
Motivation | Usage intensity 0.57 0.04 16.57 <.001 0.552
Motivation | Sports_regular 0.20 0.10 2.06 0.041 0.552
Motivation | Sports_occasional | -0.04 0.09 -0.44 0.658 0.552
Motivation | Gender Female -0.13 0.07 -1.80 0.074 0.552
Motivation | Age -0.04 0.02 -1.96 0.051 0.552
Perfqrmance Usage intensity 0.65 0.04 17.83 <.001 0.581
COﬂSIStenCy

Performance | ¢ 1o reqular | 0.17 0.10 1.60 0.111 0.581
COﬂSIStenCy

Performance | ¢\ o occasional | 0.05 0.10 0.52 0.605 0.581
COﬂSIStenCy

Performance | o jor Female | -0.09 0.08 -1.22 0.223 0.581
COﬂSIStenCy

Performance | o -0.02 0.02 -0.85 0.394 0.581
COﬂSIStenCy

Health Usage intensity | 0.45 0.04 12.60 <.001 0.406
awareness

Health Sports_regular | 0.03 0.10 0.28 0.781 0.406
awareness

Health Sports_occasional | 0.04 0.10 0.46 0.646 0.406
awareness

Health Gender_Female | 0.02 0.07 0.27 0.785 0.406
awareness

Health Age 0.01 0.02 0.72 0.472 0.406
awareness

Note. Models include usage intensity, sports participation, gender, and age as predictors. R2 refers to the
overall model for each outcome.

Table 8 shows that app usage intensity was the strongest and most consistent predictor of physical activity
motivation, performance consistency, and health awareness. Regular sports participation also had a
positive association with motivation, although its effect was weaker than usage intensity. These findings
support H1, H2, and H3 in the simulated dataset. The mediation-oriented analysis further indicated that
app usage intensity predicted motivation, motivation predicted performance consistency, and the indirect
pathway was positive, providing preliminary support for H5. In a real study, a formal bootstrapped
mediation analysis should be conducted using PROCESS, Jamovi, R, or Python.
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Most commonly used fitness tracking applications
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Figure 1. Most commonly used fitness tracking applications.

Figure 1 shows that phone-based applications were more common than dedicated device-specific
platforms in the simulated sample. This pattern is expected in college settings because phone-based
applications are usually free, already installed, or easier to access than premium wearables.

Frequency of fitness app use

Percentage of respondents

\ «eev" \ ‘qeev“ Oa\\\*
0¥ o5 aa¥®
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Frequency of use

Figure 2. Frequency of fitness app usage among students.
Figure 2 indicates that a sizeable proportion of students used fitness tracking applications at least three

days per week. This supports the use of frequency as a core component of app usage intensity because
occasional installation does not capture behavioural exposure.
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Mean score comparison of key variables

Mean score (1-5 scale)

Study variable

Figure 3. Mean score comparison of motivation, consistency, and health awareness.
Figure 3 shows that health awareness had the highest mean, followed by motivation and performance

consistency. This pattern suggests that app-based information may be easier to develop than stable exercise
adherence, reinforcing the need to combine digital tools with structured physical education support.

11. Discussion

The simulation analysis agrees with the literature that digital fitness tracking applications can help students
motivate, perform, and develop health awareness continuously. The finding that usage intensity is
positively associated with motivation is aligned with studies that find that fitness app use is influenced by
the perceived usefulness, habit, self-efficacy, goal-setting, and app-based motivational features
(Vinnikova et al. 2020; Yang & Koenigstorfer 2021). Frequent app-users likely receive repeated cues,
feedback about progress, and reminders, which can strengthen their perceived control over exercise
behaviour.

The strong influence of app usage intensity on performance consistency is consistent with findings from
college-student research on exercise adherence. Zhang et al. (2023) demonstrated that fitness apps usage
intensity influences exercise adherence through subjective exercise experience and control beliefs. My
paraphrasing effort of the above sentence is below:

Li et al. (2024) similarly suggested that the use of sports apps can reinforce the role of motivation in
improving exercise adherence among college students. The present analysis expands on this by analysing
performance consistency as a quantifiable measure in a college wellness survey.

The current findings chime in well with findings from reviews showing that wearable activity trackers are
generally better at improving step-based physical activity than complex health or fitness outcomes.
According to Ferguson et al. (2022) and Au et al. (2024), tracking devices can help promote physical
activity as long as the outcomes are related to self-monitoring. According to the present study,
performance consistency and frequency of app usage are highly correlated due to repetition. Nevertheless,
this does not prove that apps can alone improve physical fitness, the researchers caution. In the real world,
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the fitness improvement one experiences depends on the intensity and duration of the exercises, recovery,
nutrition, and safe progression.

Health awareness was positively related to the intensity of the use of the app as health awareness could
result in greater attention by the students towards their health parameters through the app. Findings from
study show that mobile apps and fitness trackers are being adopted to facilitate multiple health behaviours
as reported by (Tong et al. 2022). Further (Algahtani et al. 2025) stated that fitness tracker and mHealth
apps were perceived useful by university students in performing physical activity, motivating and building
confidence. Nonetheless, health awareness must be critical understanding. Wearable technologies give
real-world data but users should be aware that consumer devices can vary in accuracy across steps count,
energy expenditure, sleep and physiological variables (Doherty et al., 2024; Huhn et al., 2022).

Lack of meaningful gender differences in the simulated t-test does not imply gender does not matter. It
implies that in this study, intensity of app usage explained more variation than gender. In actual research
studies, gender differences may arise due to differences in access to sport, body image concerns, campus
safety, privacy expectations, or type of app. Consequently, future studies should examine gender along
with app feature preference, access to wearables, and context of activities, rather than using it as a simple
binary predictor.

The outcomes of the ANOVA are of particular practical significance as they reveal an intensity gradation
pattern, with high usage intensity students scoring better than moderate and low users. Consequently, it
supports the argument that app-based student wellness programmes should be sustained engagement and
not a one-off app promotion. Colleges must not simply suggest that students download a fitness app.
Students should be taught to set realistic expectations and appropriate goals; interpret feedback; adjust
targets weekly; avoid obsessively tracking information; and use data to help them safely implement
physical activity routines.

12. Practical applications.

o Everyday college students can use fitness tracking apps as structured self-monitoring tools to set daily
targets, track weekly progress, and identify sedentary patterns. Nonetheless, the pupils need to refrain
from treating the app targets as medical prescriptions or expert advice.

o The physical education departments can integrate app-based step goals, weekly activity logs and
progress reflection into classroom instruction. “Having kids log heart rate info, for example, can make
gym class more measurable while not losing instruction on technique and safety and balanced
training.”

o Campus wellness cells can design programs to promote activity like voluntary app-supported
challenges, peer groups and health-awareness workshops. The programmes should offer privacy
guidance along with avoiding system of public ranking.

o Public health educators may leverage app data for engaging in conversations regarding physical
inactivity, sleeping, hydrating, lifestyle risk and more. Awareness through applications should be
linked to the evidence.

o Fitness counsellors can utilize app summaries to assess a student’s baseline activity pattern and to
design progressive physical activity plans. App logs can give support to the counselling but these will
be interpreted in conjunction with the student’s goals, health, schedule.
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13. Study limitations.

The first limitation refers to the data that the results in this manuscript are based a simulated academic
dataset and not actual collected responses. This analysis can be used to show the methodology and
interpretation, but it can’t be reported as an empirical result until the survey is conducted with real data.
Moreover, the study can highlight associations, but not long-term causal effect as per the design. Also,
self-report measures of app usage, motivation, consistency and health awareness can be affected by recall
bias and social desirability bias.

The results will likely be less generalizable if the respondents come from a small number of colleges or
are students that are already interested in fitness. Differences in Functions, Accuracy, Cost, User-interface
of Digital Fitness Applications — These Factors Make It Difficult to Treat All Applications the Same.
Moreover, the study does not capture objective device-level data, such as actual steps, heart rate or app
log history. In conclusion, the research fails to examine adverse repercussions such as overtracking,
anxiety, privacy problems and unhealthy comparison.

14. Prospective Scope

In the future, actual primary data from a larger and more varied samples of students. A longitudinal design
is likely to be particularly useful because motivation and consistency may change with examinations,
vacations, sports events, and semesters. Another interesting comparison by the researchers could be with
phone-only users and wearables-device users to see whether wearable integration adds to the behavioural
value beyond mere app use.

In the future, data collected from self-report questionnaires can be combined with objective app or
wearable sensor data like step count, active minutes, number of workouts, duration of sleep, etc. Through
experimental or quasi-experimental designs, a study could test whether a guided app-based wellness
programme could improve consistency of activity more than unguided use of app. Research may also be
done on the comparison between the rural and the urban students, male and female students. It may also
be done on the athletes and non-athletes or other users. More focused studies on Google Fit, Apple Health,
Strava, Samsung Health, HealthifyMe, or Fitbit/Garmin platform may give better results.

15. Final Thoughts

When fitness tracking applications are viable aids for self-monitoring, goal-setting, feedback, and routine
formation, they can help students be well. The quantitative framework proposed shows how the intensity
of app use can be studied concerning the physical activity motivational, performance consistency and
health awareness of college students. The simulation results indicate that there are positive relationships
between these constructs and that users of high-intensity apps could have a greater reported motivation,
more regular activity behaviour and greater awareness of health indicators.

The research shows why we must be careful with digital fitness tools. Fitness apps don’t automatically
produce healthy behaviour - but they can support behaviour change. The advantages associated with these
situations accrue over time and require active participation, realistic expectations, confidence among
participants, proper interpretation metrics, and most importantly the continuous support of the campus
environment. Clearly, colleges should integrate digital fitness apps with physical education, wellness
counselling, peer support and health literacy training. When applied with vigilance and persistence, they
can assist in transforming health knowledge into intentional and consistent physical endeavors.
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