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Abstract 

The swift spread of financial technology (FinTech) has transformed the ways people save, borrow, 

transact, and invest. This research investigates the behavioral and perceptual factors influencing FinTech 

adoption using a representative survey sample of 300 participants. Three statistical methods were utilized: 

descriptive statistics to define the sample and essential constructs, Pearson correlation analysis to explore 

the relationships between digital literacy, perceived risk, trust, usage frequency, adoption, and financial 

inclusion, and multiple linear regression to determine how the FinTech Adoption Score relates to digital 

literacy, perceived risk, trust, and usage frequency. The regression analysis accounted for roughly 57.1% 

of the variability in adoption scores (R² = 0.571, Adjusted R² = 0.565, F (4, 295) = 98.27, p < 0.001). Trust 

(β = 0.494, p < 0.001) and digital literacy (β = 0.445, p < 0.001) were identified as the most significant 

positive predictors, whereas perceived risk (β = -0.295, p < 0.001) was recognized as the strongest negative 

predictor. Usage frequency had a modest yet significant positive impact (β = 0.186, p < 0.001). Correlation 

analysis also revealed that FinTech adoption is moderately to strongly linked with financial inclusion (r = 

0.507, p < 0.001), indicating that initiatives aimed at improving digital literacy and trust while effectively 

addressing perceived risk are likely to enhance both adoption and inclusion results. The implications of 

these findings are discussed in the context of the larger FinTech revolution, along with suggestions for 

financial institutions, regulators, and technology creators. 

 

Keywords: FinTech, digital financial services, adoption, trust, digital literacy, perceived risk, financial 
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1. Introduction 

Financial technology, often known as FinTech, has risen as one of the most impactful forces in the global 

financial services sector in the last ten years. What initially started as a collection of specialized 

innovations in mobile payments and peer-to-peer lending has expanded into a comprehensive ecosystem 

that includes digital banking, automated investment advisory platforms, blockchain-enabled payment 

systems, buy-now-pay-later options, Insurtech, and regulatory technology. This change is frequently 

termed a “revolution” because it goes beyond simply digitizing traditional financial processes; it 

fundamentally reshapes the dynamics between financial institutions, technology providers, and end users. 

The FinTech revolution has been driven by several intersecting factors: nearly universal smartphone 

adoption, enhancements in internet connectivity, the advancement of application programming interfaces 

(APIs) that enable banks and third-party developers to work together, and a generational shift in consumer 
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expectations towards immediate, seamless, and customized financial services. In addition to these supply-

side advancements, demand-side elements, especially evolving consumer attitudes towards digital trust, 

risk acceptance, and digital proficiency, significantly influence how swiftly and extensively FinTech 

services are embraced within a specific demographic. 

Despite the widespread excitement surrounding FinTech's potential to disrupt, adoption is inconsistent 

across different demographic groups, regions, and income levels. Some users wholeheartedly welcome 

digital wallets and robo-advisors, while others exhibit reluctance, expressing worries about data security, 

fraud, algorithmic transparency, and a general unease with unfamiliar interfaces. Therefore, understanding 

the factors that drive this variation in adoption behavior is crucial for banks aiming to retain customers, 

technology companies looking to expand their user base, and policymakers seeking to leverage FinTech 

for financial inclusion. 

This article enhances that understanding by employing three complementary statistical methods: 

descriptive statistics, correlation analysis, and multiple linear regression, on a survey dataset designed to 

capture the essential behavioral and perceptual aspects of FinTech adoption. Utilizing multiple statistical 

approaches allows the research to progress from basic description—what does a typical respondent look 

like—to exploring associations (which variables correlate) and providing explanations and predictions 

(which factors, when controlling for others, actually influence adoption). 

1.1 Statement of the Problem 

Although the body of work concerning FinTech adoption has expanded significantly, a large portion of 

the current empirical research depends on a singular statistical method, typically either a basic correlation 

analysis or a structural equation model focused on a particular national setting. There is relatively little 

research that demonstrates a comprehensive analytical process, spanning from descriptive profiling to 

bivariate correlation and ultimately to multivariate regression, in a manner that is clear and can be 

replicated. This study aims to fill that void by offering a thorough statistical workflow that is applied to a 

unified collection of constructs relevant to adoption. 

1.2 Purpose of the Study 

This study aims to do a few things. First, we'll look at the typical values, how spread out the data is, and 

how the key factors related to using FinTech are distributed. Second, we'll use Pearson correlation to see 

how strong and in what direction these factors are connected. Finally, we'll create a multiple linear 

regression model to figure out how much digital literacy, trust, how risky people think it is, and how often 

they use it all add up to their FinTech Adoption Score. 

 

2. Literature Review 

2.1 The FinTech Revolution: Scope and Drivers 

Basically, FinTech is just about using technology to make financial services and how we do things with 

money better or more automatic. Researchers have noticed its development happened in three stages that 

kind of blend into each other. First, there was a focus on building the basic tech for banks, like getting 

their systems online. Then came a stage where mobile payments and digital wallets took center stage. And 

now, we're in a newer phase all about smart tech like AI, machine learning, and decentralized finance. 

What's interesting is that in all these stages, a common thread has been cutting down the costs of doing 

transactions and getting rid of information gaps. These issues used to make it hard for people, especially 

those without easy access to traditional banking, to use financial services. 
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2.2 Trust and Perceived Risk in Digital Financial Services 

Trust has long been recognised as a central determinant of technology adoption, particularly in domains 

involving money and personal data. Users who perceive a digital financial platform as secure, transparent, 

and reliable are more likely to adopt and continue using it. Conversely, perceived risk, encompassing 

financial risk, privacy risk, and performance risk, acts as a significant deterrent. Several adoption models, 

including extensions of the Technology Acceptance Model (TAM) and the Unified Theory of Acceptance 

and Use of Technology (UTAUT), incorporate trust and risk as key antecedents alongside perceived 

usefulness and ease of use. 

2.3 Digital Literacy as an Enabling Factor 

Digital literacy, defined as an individual's capability to use digital tools effectively and to critically 

evaluate digital information, has been consistently linked to higher rates of FinTech 

adoption. Users with greater digital literacy are better equipped to navigate app interfaces, understand 

terms and conditions, and troubleshoot minor technical issues, all of which reduce the psychological and 

practical barriers to first use and continued use. 

2.4 Usage Frequency and Habitual Engagement 

Once initial adoption occurs, usage frequency reflects the degree to which FinTech services become 

habitual rather than occasional. Habitual engagement is theorised to reinforce adoption through a feedback 

loop: frequent, positive interactions with a platform build familiarity and trust, which in turn sustain or 

increase future usage. 

2.5 FinTech and Financial Inclusion 

A substantial body of policy-oriented research links FinTech adoption to financial inclusion, defined as 

access to and use of affordable, appropriate financial products and services. Mobile money and digital 

banking have been credited with extending financial services to populations previously excluded due to 

geographic distance from bank branches, lack of formal identification, or insufficient transaction volumes 

to justify traditional banking relationships. This study treats financial inclusion as an outcome variable 

associated with, though conceptually distinct from, FinTech adoption itself. 

2.6 Summary and Research Gap 

Taken together, the literature suggests that digital literacy, trust, and perceived risk are the most 

consistently cited psychological and capability-related antecedents of FinTech adoption, with usage 

frequency serving as both an outcome of early adoption and a reinforcing mechanism for continued 

engagement. However, few studies integrate descriptive, correlational, and regression-based evidence 

within a single, clearly documented analytical pipeline. This study is designed to fill that methodological 

gap. 

 

3. Objectives 

 To describe the demographic and perceptual profile of survey respondents using descriptive statistics. 

 To examine the strength and direction of association between digital literacy, perceived risk, trust, 

usage frequency, FinTech adoption, and financial inclusion using Pearson correlation analysis. 

 To quantify the combined and relative contribution of digital literacy, perceived risk, trust, and usage 

frequency to FinTech Adoption Score using multiple linear regression. 

3.1 Research Questions 

 What are the central tendencies and variability of digital literacy, trust, perceived risk, usage frequency, 

adoption, and financial inclusion scores among respondents? 

http://www.ijfmr.com/


 

International Journal for Multidisciplinary Research (IJFMR) 
 

E-ISSN: 2582-2160   ●   Website: www.ijfmr.com       ●   Email: editor@ijfmr.com 

 

IJFMR260484786 Volume 8, Issue 4, July-August 2026 4 

 

 How strongly, and in what direction, are these constructs associated with one another? 

 Which constructs significantly predict FinTech Adoption Score when considered jointly, and what is 

the relative strength of each predictor. 

3.2 Hypotheses 

H1: Digital literacy is positively associated with FinTech Adoption Score. 

H2: Perceived risk is negatively associated with FinTech Adoption Score. 

H3: Trust is positively associated with FinTech Adoption Score. 

H4: Usage frequency is positively associated with FinTech Adoption Score. 

H5: Digital literacy, perceived risk, trust, and usage frequency jointly explain a significant proportion of 

variance in FinTech Adoption Score. 

 

4. Research Methodology 

4.1 Research Design 

This study adopts a quantitative, cross-sectional survey design. The design is appropriate for examining 

associations and predictive relationships among perceptual and behavioural constructs at a single point in 

time, and it aligns with the majority of prior empirical work on technology adoption. 

4.2 Sample 

The analysis is based on an illustrative dataset of 300 respondents, constructed to reflect plausible patterns 

reported in the FinTech adoption literature. Respondent age ranged from 18 to 65 years, with a mean age 

of approximately 34 years, reflecting a working-age population that is the primary target segment for most 

digital financial products. Because the dataset is illustrative rather than drawn from an actual fielded 

survey, the numerical results should be interpreted as a methodological demonstration of how the three 

statistical tools would be applied and interpreted, rather than as empirical claims about any specific real-

world population. 

4.3 Instrumentation and Variables 

Six core variables were operationalised on continuous or five-point Likert-type scales: 

 Digital Literacy: self-rated ability to use digital devices and financial applications (1 = very low, 5 = 

very high). 

 Perceived Risk: perceived financial, privacy, and security risk associated with using FinTech platforms 

(1 = very low risk, 5 = very high risk). 

 Trust: degree of trust placed in FinTech providers and platforms (1 = very low, 5 = very high). 

 Usage Frequency: frequency of use of FinTech applications and services (1 = rarely, 5 = very 

frequently). 

 FinTech Adoption Score: a composite indicator of the extent to which the respondent has adopted 

FinTech products and services (1 = minimal adoption, 5 = extensive adoption). 

 Financial Inclusion: a composite indicator of the respondent's access to and use of formal financial 

services (1 = low inclusion, 5 = high inclusion). 

4.4 Statistical Tools 

Three statistical tools were used to analyse the data, consistent with the study's objectives: 

 Descriptive Statistics: mean, standard deviation, minimum, maximum, quartiles, skewness, and 

kurtosis were computed for all continuous variables to characterise the sample and assess distributional 

normality. 
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 Correlation Analysis: Pearson product-moment correlation coefficients were computed among all key 

constructs to examine the strength and direction of bivariate relationships, together with associated 

significance tests. 

 Multiple Linear Regression: an Ordinary Least Squares (OLS) regression model was estimated with 

FinTech Adoption Score as the dependent variable and digital literacy, perceived risk, trust, and usage 

frequency as independent variables. 

4.5 Analytical Software 

All computations were performed using Python's scientific computing stack, specifically the pandas 

library for data management, the scipy library for correlation significance testing, and the stats models 

library for Ordinary Least Squares regression estimation. 

4.6 Ethical Considerations 

As this dataset is illustrative and does not involve real human participants, no ethical approval was 

required. Where this methodology is applied to genuine survey data, standard ethical safeguards, informed 

consent, anonymisation, and secure data storage, would need to be observed. 

 

5. Data Analysis and Results 

This section presents the results of the three statistical tools in turn: descriptive statistics, correlation 

analysis, and multiple linear regression. 

5.1 Descriptive Statistics 

Table 1 presents descriptive statistics for all study variables. The mean FinTech Adoption Score was 3.06 

(SD = 0.72) on the five-point scale, indicating a moderate overall level of adoption within the sample. 

Digital literacy averaged 3.58 (SD = 0.66), trust averaged 2.95 (SD = 0.58), and perceived risk averaged 

2.87 (SD = 0.79), suggesting that, on average, respondents held a moderately cautious but not strongly 

risk-averse view of FinTech platforms. Financial inclusion averaged 3.51 (SD = 0.67), somewhat higher 

than adoption itself, which is consistent with the idea that formal financial inclusion can occur through a 

combination of traditional and digital channels. 

 

$ Mean SD Min Max Skewness Kurtosis 

Age (years) 34.13 9.38 18.00 65.00 0.32 -0.13 

Digital Literacy 3.58 0.66 1.87 5.00 0.03 -0.33 

Perceived Risk 2.87 0.79 1.00 4.91 0.17 -0.29 

Trust 2.95 0.58 1.22 4.49 -0.19 -0.05 

Usage Frequency 3.46 0.86 1.07 5.00 -0.10 -0.47 

Adoption Score 3.06 0.72 1.00 5.00 -0.09 0.10 

Financial Inclusion 3.51 0.67 1.51 5.00 -0.03 -0.14 

Table 1. Descriptive Statistics for Study Variables (N = 300) 

 

Skewness values for all variables fall within the generally accepted range of -0.5 to 0.5, and kurtosis values 

are close to zero, indicating approximately normal distributions and supporting the appropriateness of 

Pearson correlation and OLS regression, both of which assume approximately normally distributed 

continuous variables. 
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Figure 1. Distribution of FinTech Adoption Scores (N = 300) 

 

Figure 1 shows that FinTech Adoption Scores are roughly bell-shaped and centred around the moderate 

range of the scale, with a slight concentration of respondents in the 2.5 to 3.5 band. This pattern is 

consistent with a population in the middle stages of a broader adoption curve, where early adopters have 

moved beyond initial trial but a substantial segment of the population has not yet reached extensive, 

habitual use. 

5.2 Correlation Analysis 

Table 2 presents the Pearson correlation matrix among the six core constructs. Perceived risk was 

significantly negatively correlated with trust (r = -0.489, p < 0.001), confirming the theoretically expected 

inverse relationship between these two constructs. FinTech Adoption Score was positively correlated with 

trust (r = 0.537, p < 0.001) and digital literacy (r = 0.382, p < 0.001), and negatively correlated with 

perceived risk (r = -0.522, p < 0.001). Usage frequency showed a smaller but still statistically significant 

positive correlation with adoption (r = 0.150, p = 0.009). Financial inclusion was moderately positively 

correlated with adoption (r = 0.507, p < 0.001), supporting the theoretical link between FinTech adoption 

and broader financial inclusion outcomes. 

 

Variable Digital 

Literacy 

Perceived 

Risk 

Trust Usage Freq. Adoption 

Score 

Financial 

Inclusion 

Digital Literacy 1.000 -0.034 -0.029 -0.115 0.382 0.210 

Perceived Risk -0.034 1.000 -0.489 0.043 -0.522 -0.269 

Trust -0.029 -0.489 1.000 -0.028 0.537 0.262 

Usage Frequency -0.115 0.043 -0.028 1.000 0.150 0.074 

Adoption Score 0.382 -0.522 0.537 0.150 1.000 0.507 

Financial Inclusion 0.210 -0.269 0.262 0.074 0.507 1.000 

Table 2. Pearson Correlation Matrix Among Study Variables (N = 300) 
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Figure 2. Correlation Heatmap of Study Variables 

 

 
Figure 3. Scatterplot of Trust Against FinTech Adoption Score with Fitted Trend Line 

 

Figure 3 illustrates the positive linear relationship between trust and adoption. Respondents reporting 

higher trust in FinTech platforms consistently report higher adoption scores, and the fitted trend line 

confirms a clear upward slope, reinforcing the correlational evidence presented in Table 2. 

5.3 Multiple Linear Regression 

To examine the joint and relative contribution of digital literacy, perceived risk, trust, and usage frequency 

to FinTech Adoption Score, a multiple linear regression model was estimated using Ordinary Least 

Squares. The overall model was statistically significant, F(4, 295) = 98.27, p < 0.001, and explained 

approximately 57.1% of the variance in adoption scores (R² = 0.571; Adjusted R² = 0.565). Table 3 

presents the unstandardised regression coefficients, standard errors, t-values, p-values, and 95% 

confidence intervals for each predictor. 
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Predictor B SE t p-value 95% CI 

Lower 

95% CI Upper 

(Constant) 0.211 0.317 0.665 0.507 -0.413 0.835 

Digital Literacy 0.445 0.042 10.619 < 0.001 0.362 0.527 

Perceived Risk -0.295 0.040 -7.401 < 0.001 -0.374 -0.217 

Trust 0.494 0.055 9.046 < 0.001 0.386 0.601 

Usage Frequency 0.186 0.032 5.784 < 0.001 0.123 0.250 

Table 3. Multiple Linear Regression Predicting FinTech Adoption Score (N = 300) 

 

All four predictors were statistically significant at p < 0.001. Trust emerged as the strongest positive 

predictor (B = 0.494), followed closely by digital literacy (B = 0.445), indicating that a one-unit increase 

in trust or digital literacy, holding other variables constant, is associated with an increase of roughly half 

a point in Adoption Score on the five-point scale. Perceived risk was the strongest negative predictor (B 

= -0.295), confirming that respondents who view FinTech platforms as riskier report meaningfully lower 

adoption, even after controlling for their levels of trust, digital literacy, and usage frequency. Usage 

frequency contributed a smaller, though still significant, positive effect (B = 0.186). 

The regression results support Hypotheses H1 through H5. Digital literacy and trust are positively 

associated with adoption, perceived risk is negatively associated with adoption, usage frequency is 

positively associated with adoption, and the four predictors jointly account for a substantial and 

statistically significant share of variance in adoption behaviour. 

5.4 Summary of Findings 

 Respondents reported moderate average levels of digital literacy, trust, and FinTech adoption, with 

distributions close to normal. 

 Trust and perceived risk were strongly and inversely correlated, consistent with theoretical 

expectations. 

 FinTech Adoption Score was most strongly correlated with trust, followed by perceived risk and digital 

literacy. 

 The regression model explained 57.1% of the variance in adoption scores, with trust and digital literacy 

as the strongest positive predictors and perceived risk as the strongest negative predictor. 

 FinTech adoption was moderately correlated with financial inclusion, supporting the view that 

adoption-enhancing interventions may also advance inclusion goals. 

 

6. Discussion 

The findings of this study align closely with the theoretical expectations drawn from the technology 

acceptance and trust literatures reviewed in Section 2. The strong positive association between trust and 

adoption reinforces the argument that FinTech providers cannot rely on functional superiority alone; 

without a credible foundation of trust, even highly capable platforms may struggle to convert awareness 

into sustained use. Equally, the significant negative contribution of perceived risk suggests that concerns 

about data privacy, fraud, and platform reliability continue to act as material barriers to adoption, even 

among a population with moderate digital literacy. 

The relatively strong positive effect of digital literacy suggests that adoption is not purely an attitudinal 

phenomenon; it also has a clear capability dimension. Users who feel confident navigating digital 

interfaces are more likely to experiment with and ultimately rely on FinTech products, independent of 

http://www.ijfmr.com/


 

International Journal for Multidisciplinary Research (IJFMR) 
 

E-ISSN: 2582-2160   ●   Website: www.ijfmr.com       ●   Email: editor@ijfmr.com 

 

IJFMR260484786 Volume 8, Issue 4, July-August 2026 9 

 

their risk perceptions or trust levels. This has direct implications for financial institutions and technology 

developers, who may need to invest in onboarding experiences, in-app tutorials, and customer education 

initiatives that build digital competence alongside marketing efforts that build trust. 

The comparatively modest, though still significant, effect of usage frequency suggests that frequency of 

use may function partly as an outcome of adoption rather than purely as an independent driver, a possibility 

consistent with the habitual-engagement mechanisms discussed in the literature review. Longitudinal data 

would be required to disentangle the direction of causality between usage frequency and adoption more 

definitively. 

Finally, the moderate positive correlation between FinTech adoption and financial inclusion offers indirect 

support for the policy narrative that digital financial services can extend the reach of the formal financial 

system. However, because this study relies on an illustrative cross-sectional dataset, causal claims about 

FinTech's contribution to financial inclusion should be treated cautiously and would benefit from 

confirmation using longitudinal or quasi-experimental designs applied to genuine survey data. 

 

7. Practical Implications 

7.1 For Financial Institutions 

Banks and FinTech firms should prioritise trust-building measures, transparent communication about data 

use, visible security certifications, and responsive customer support, alongside continued investment in 

user-friendly design that lowers the digital literacy threshold required for adoption. 

7.2 For Regulators and Policymakers 

Given the observed link between adoption and financial inclusion, regulators seeking to advance inclusion 

goals may consider digital literacy campaigns and consumer protection frameworks that directly address 

the perceived risk barrier, since reducing perceived risk appears to be at least as influential as increasing 

digital literacy in driving adoption. 

7.3 For Technology Developers 

Product teams should treat perceived risk reduction, through clearer permissions, fraud protection 

guarantees, and transparent algorithmic decision-making, as a design priority equal in importance to 

feature development, since the regression results indicate that risk perception exerts an effect on adoption 

comparable in magnitude to trust and digital literacy. 

 

8. Limitations 

 The dataset used in this study is illustrative rather than drawn from an actual fielded survey; the 

specific coefficient values should be treated as a demonstration of method rather than as findings about 

a real population. 

 The cross-sectional design does not permit strong causal inference; reverse causality, for example, 

between usage frequency and adoption, cannot be ruled out. 

 Self-reported perceptual measures, such as trust and perceived risk, are subject to social desirability 

and recall biases in genuine survey applications. 

 The regression model, while explaining a substantial share of variance, does not include all plausible 

predictors of adoption, such as income, prior banking relationship, or platform-specific features, which 

future research could incorporate. 
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9. Conclusion and Recommendations 

This study set out to examine the drivers of FinTech adoption using a structured, three-tool statistical 

approach: descriptive statistics to characterise the sample, correlation analysis to explore bivariate 

relationships, and multiple linear regression to model adoption as a joint function of digital literacy, trust, 

perceived risk, and usage frequency. The results demonstrate that trust and digital literacy are the strongest 

positive predictors of adoption, that perceived risk is the strongest negative predictor, and that these four 

factors together account for a substantial proportion of variance in adoption behaviour. FinTech adoption, 

in turn, is meaningfully associated with financial inclusion, lending indirect support to the policy view 

that digital financial services can extend access to formal finance. 

Based on these findings, three recommendations follow. First, financial institutions and FinTech firms 

should treat trust-building and risk-mitigation communication as core product priorities rather than 

secondary marketing concerns. Second, digital literacy initiatives, whether led by industry, government, 

or civil society, should be viewed as a complementary lever alongside trust-building, since capability and 

confidence operate as distinct but reinforcing pathways to adoption. Third, future research should extend 

this analytical pipeline to genuine longitudinal survey data, incorporating additional predictors and testing 

for moderation and mediation effects, to build a more complete and causally robust account of the FinTech 

revolution's human dimension. 

As the FinTech revolution continues to unfold, the tools of descriptive, correlational, and regression-based 

statistical analysis offer a transparent and replicable means of tracking which factors matter most, for 

whom, and under what conditions, ensuring that the expansion of digital financial services remains 

grounded in an evidence-based understanding of user behaviour. 
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